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ABSTRACT
Background: Although both peer and AI-generated feedback are increasingly used in EFL writing 
instruction, little is known about how they differ in terms of cognitive depth and interpersonal 
delivery. Existing studies often overlook the mechanisms through which feedback operates, 
limiting instructors’ ability to design balanced feedback ecosystems.

Purpose: To provide a comparative analysis of peer and ChatGPT-4o feedback on undergraduate 
EFL academic writing, drawing on Hattie and Timperley’s (2007) cognitive model and Hyland 
and Hyland’s (2006) interpersonal feedback strategies. It aims to identify how each source 
targets task, process, and self-regulation levels, and how their rhetorical styles shape learner 
engagement.

Method: Thirty Iranian undergraduate EFL students participated in a qualitative classroom-
based study in which each essay received both peer and ChatGPT-4o feedback. A total of 430 peer 
comments and 224 ChatGPT feedback units were coded deductively using validated analytical 
frameworks. Inter-rater reliability for 20% of the dataset yielded substantial agreement (κ = .82).

Results: Peer feedback was subjective, socially expressive, and frequently mitigated, with 
comments focusing on sentence-level issues but also including self-regulation prompts (15%) 
that encouraged reflection and decision-making. ChatGPT-4o provided predominantly task-level 
feedback (94%), characterized by structured, consistent, and objective guidance on grammar, 
organization, and coherence. However, its feedback exhibited minimal interpersonal variation 
and rarely promoted metacognitive engagement.

Conclusion: The findings indicate that peer and AI-generated feedback serve complementary 
pedagogical functions: AI offers technical accuracy and consistency, while peer feedback 
contributes emotional support and occasional reflective prompts. A hybrid feedback model that 
integrates both sources may therefore enhance the revision process in EFL writing instruction.
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INTRODUCTION
Academic writing is a complex skill that 
often challenges students to meet de-
sired standards (Kerman et al., 2022). A 
critical component of writing develop-
ment is feedback, which plays a key role 
in enhancing writing skills and fostering 
self-awareness, motivation, and self-reg-
ulation (Hattie & Timperley, 2007; Zhang 
& Hyland, 2022). Feedback can take var-
ious forms, including teacher and peer 
feedback. While teacher feedback has 
traditionally been the primary approach, 
increasing workloads may limit its ef-
fectiveness and place pressure on in-

structors. As a result, peer feedback has 
emerged as a valuable alternative, offer-
ing students opportunities for collabora-
tion and critical engagement in the writ-
ing process (Hattie & Timperley, 2007). 
Recent developments in large language 
models (LLMs) such as ChatGPT-4 have 
introduced a new avenue for providing 
writing feedback at scale, particularly in 
EFL and academic contexts (Shi & Ary-
adoust, 2024). When guided by teachers, 
AI can complement traditional feedback 
methods, enhancing their efficiency and 
adaptability to individual student needs 
(Farrokhnia et al., 2023). 
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This aligns with Hattie and Timperley’s (2007) cognitive mod-
el, in which effective feedback facilitates learning at task, 
process, and self-regulation levels. At the same time, its abil-
ity to provide immediate and detailed language assistance 
is especially relevant from an interpersonal perspective (Hy-
land & Hyland, 2006), since supportive and timely feedback 
can reduce anxiety and sustain motivation for EFL students 
(Steiss et al., 2024). Despite promising findings, most recent 
studies on LLM-generated feedback have focused either on 
textual outcomes or general student satisfaction, with lim-
ited attention to the underlying structure and delivery of 
feedback itself (e.g., Alnemrat et al., 2025; Asadi et al., 2025). 
In particular, they often evaluate what feedback is provid-
ed but neglect how learners experience and respond to it 
cognitively and emotionally (Zhan & Yan, 2025). This creates 
a significant blind spot: without understanding the mecha-
nisms and delivery modes of AI and peer feedback, instruc-
tors cannot make informed decisions about how to balance 
or sequence these sources in writing pedagogy.

To delve into these gaps, the present study applies two com-
plementary theoretical frameworks: Hattie and Timperley’s 
(2007) cognitive model and Hyland and Hyland’s (2006) in-
terpersonal model of feedback. These frameworks, when 
used in tandem, offer a more complete analytical lens. Hat-
tie and Timperley’s model enables us to trace the pedagogi-
cal function of feedback, does it target surface errors, strate-
gic thinking, or self-regulated revision? Meanwhile, Hyland 
and Hyland’s framework captures the rhetorical delivery of 
feedback, whether it motivates, supports, or alienates the 
learner through tone, hedging, or emotional cues.

The study aimed to answer the following questions:

RQ1:	 What types of feedback do peers and ChatGPT-4o pro-
vide, based on the task, process, and self-regulation 
levels described in Hattie and Timperley’s (2007) mod-
el?

RQ2:	 How do peers and ChatGPT-4o differ in the way they 
deliver feedback, according to the interpersonal strat-
egies outlined by Hyland and Hyland (2006)?

RQ3:	 What are the main similarities and differences be-
tween peer and ChatGPT-4o feedback in the context 
of EFL academic writing?

By integrating both models, we go beyond simple outcome 
comparisons and uncover the interaction between message 
and manner, that is, what is said, how it is said, and how 
these affect learning. In doing so, we respond to recent calls 
for more nuanced, classroom-grounded evaluations of LLM 
feedback in real-world contexts (Yu & Xie 2025). This study 
also aligns with the growing call for improving students’ 
“feedback literacy,” or their ability to interpret, evaluate, 
and apply AI-generated feedback critically and reflectively 
(Zhan & Yan, 2025). 

THEORETICAL FRAMEWORK

Hattie and Timperley’s (2007) Four-level Model 
of Feedback

This study uses Hattie and Timperley’s (2007) four-level 
model of feedback as a conceptual foundation for compar-
ing peer feedback with ChatGPT-generated feedback. The 
model views feedback not just as correction but as informa-
tion that helps learners reduce the gap between their cur-
rent performance and the goals of a task. What makes this 
model especially helpful is the way it breaks feedback down 
into four levels: task, process, self-regulation, and self, each 
reflecting a different kind of support that learners might re-
ceive.

Task-level feedback focuses on whether the work is correct, 
complete, or aligned with expectations. It addresses the 
content directly, often involving specific corrections or af-
firmations, and is most effective when it helps the learner 
understand how to improve accuracy (Hattie & Timperley, 
2007, p. 90). This kind of feedback is common in both peer 
and AI-generated responses because it responds to the sur-
face features of performance. For instance, a peer might 
comment, “Your argument is unclear here, please rephrase,” 
while ChatGPT might suggest, “Use the past tense for consist-
ency.” In fact, most written feedback in higher education re-
mains task-focused (Lipsch-Wijnen & Dirkx, 2022).

Process-level feedback deals with the strategies or ap-
proaches used to complete a task. Rather than focusing on 
what is right or wrong, it supports the learner’s ability to 
organize ideas, structure responses, or apply techniques 
(Hattie & Timperley, 2007, p. 92). A peer might suggest, “You 
could structure this argument better by starting with a counter-
point,” while ChatGPT could note, “Try to use more connecting 
words to improve flow.” Such feedback helps learners trans-
fer knowledge across tasks and contexts (Butler & Winne, 
1995).

Self-regulation feedback is the most metacognitive of the 
four levels. It involves guidance that helps learners reflect 
on their goals, assess their strategies, and plan next steps—
essentially, feedback that encourages self-monitoring and 
self-direction (Hattie & Timperley, 2007, p. 93). Though less 
frequently provided, this level has strong potential for sup-
porting learner autonomy and long-term improvement. 
Hattie and Timperley argue that self-regulation is activated 
when feedback includes cues for self-assessment and error 
correction (p. 94). Mandouit and Hattie (2023) further sup-
port this, showing that learners value feedback that helps 
them identify “where to next,” linking clearly to the feed-for-
ward dimension of the model.  Self-level feedback shifts the 
focus from the work to the individual, usually in the form 



Peer e-Feedback and ChatGPT-4o in EFL Writing

JLE  |  Vol. 11  |  No. 4  |  2025 53

| Research Paper

of praise or personal evaluation. While such feedback may 
seem encouraging, it tends to have little impact on learning 
unless it is directly tied to performance (Hattie & Timperley, 
2007, p. 96).

Hyland and Hyland’s Interpersonal Model
Hyland and Hyland’s interpersonal model focuses not on 
what feedback addresses, but on how it is communicated. 
They argue that feedback is both an instructional and inter-
personal act that shapes the emotional and social dynamics 
of the writing process. Their model identifies several dimen-
sions through which feedback varies rhetorically.

Orientation refers to the degree of control embedded in 
the feedback message. Directive comments give explicit 
instructions (e.g., “Add a topic sentence”), while facilitative 
comments invite learner agency and decision-making (e.g., 
“Could a clearer topic sentence improve this paragraph?”). In 
classroom contexts, facilitative forms are frequently pre-
ferred, particularly in EFL contexts where students may feel 
socially constrained or unsure about asserting authority (Yu 
et al., 2015). For instance, in our study one student wrote, 
“You might consider adding an example here, it could clarify 
your point,” instead of directly instructing a peer. This pat-
tern reflects the politeness strategies often used to maintain 
solidarity and avoid confrontation in peer interactions. 

Linguistic mitigation refers to the use of hedging or soften-
ing language that reduces the face-threatening nature of 
critical feedback. Expressions like “maybe,” “perhaps,” or “you 
could” help maintain politeness while signaling tentative-
ness. Hyland (2010) noted that tutors frequently employed 
hedged phrases such as “you might want to…” when offer-
ing revisions, thereby balancing critique with respect. Sim-
ilarly, Yu and Hu (2017) observed in their analysis of peer 
feedback that EFL students often used mitigated forms to 
protect group harmony. Comments like “Maybe this para-
graph could use a clearer transition?” which cushion sug-
gestions without undermining the peer relationship. 

The final dimension concerns emotional tone, which can 
range from encouraging and supportive to neutral or im-
personal. A supportive tone often includes praise and en-
couragement (e.g., «Great start! Your thesis is clear.»), while 
a neutral tone avoids emotion (e.g., «Your thesis is stated.»), 
and an impersonal tone may feel mechanical or detached 
(e.g., «Thesis: present.»). These stylistic choices influence 
how feedback is received by learners and whether it moti-
vates or discourages further engagement with the writing 
task. In classroom discourse, affectively rich peer feedback 
has been shown to increase motivation, especially among 
novice writers. For instance, one peer in our study wrote, 
“I loved your conclusion, it really ties everything together,” en-
hancing the recipient’s confidence and willingness to revise. 
In a nutshell, Hyland and Hyland’s model provides an essen-
tial complement to Hattie and Timperley’s by revealing how 

interpersonal dimensions shape the uptake and emotional 
reception of feedback. While Hattie and Timperley help iden-
tify the level and content of feedback, Hyland and Hyland 
explain how the delivery style influences its impact. This is 
particularly important in today’s context, where learners in-
creasingly receive feedback not just from teachers or peers, 
but also from AI tools like ChatGPT. Understanding both 
what is said and how it is said offers a more complete pic-
ture of the pedagogical affordances and limitations of each 
feedback source.

LITERATURE REVIEW

Peer Feedback in Writing Development
Peer feedback is considered an effective method for improv-
ing students’ learning processes, particularly in writing de-
velopment. feedback plays a crucial role in enhancing both 
cognitive and interactional processes (Li et al., 2024). Theo-
retical frameworks emphasize the significance of feedback 
not only as a means of correcting errors but also as a tool 
for fostering deeper cognitive engagement and promoting 
socio-cultural interaction. Hattie and Timperley (2007) high-
light the multidimensional nature of feedback, demonstrat-
ing its impact at various cognitive levels—task, process, and 
self-regulation. This process allows students to internalize 
feedback, enabling them to self-regulate their learning and 
enhance their writing performance through sustained cog-
nitive effort. In the classroom environment, feedback can 
take various forms such as teacher feedback and peer feed-
back. Peer feedback has emerged as an efficient alternative 
to teacher feedback because it is timely, dialogic, and fre-
quent, reducing reliance on the teacher’s limited availability 
(Cui et al., 2023; Noroozi et al., 2023). Studies show that peer 
review fosters deeper cognitive engagement and self-reg-
ulation, since students must critically analyze writing and 
reflect on their own texts (Yu & Hu, 2017). Additionally, peer 
feedback is usually less intimidating and more supportive 
than teacher feedback, enhancing motivation and confi-
dence (Cui et al., 2023; Wu & Schunn, 2021).

Comparative Research on Peer and AI 
Feedback 
Recent years have seen a growing interest in the role of 
artificial intelligence (AI), particularly large language mod-
els like ChatGPT, in academic writing and feedback. Sever-
al studies have compared the AI-generated feedback with 
that of traditional peer and teacher feedback (Banihashem 
et al., 2024; Chan et al., 2023; Escalante et al., 2023; Fang et 
al., 2023; Fleckenstein et al., 2023; Huang & Teng, 2025; Shi 
& Aryadoust, 2024; Steiss et al., 2024; Usher, 2025; Wang et 
al., 2023; Yoon et al., 2023; Yu & Xie, 2025; Zeevy-Solovey, 
2024). Recent work has explored ChatGPT and other gen-
erative AI tools in education from different angles. For ex-
ample, Zeevy-Solovey (2024) investigated how EFL learners 
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perceived feedback from peers, ChatGPT, and their teacher, 
finding that while students appreciated AI for speed and 
clarity, teacher feedback remained the most trusted, with 
peer feedback valued mainly for surface-level issues. Fang 
et al. (2023) evaluated ChatGPT’s grammatical error correc-
tion by comparing it with established tools across several 
languages. They found that ChatGPT often produced fluent 
text and successfully detected many errors, showing prom-
ise as a correction tool. However, the study also uncovered 
important weaknesses. 

ChatGPT sometimes overcorrected sentences by changing 
text that was already correct, introduced inconsistencies by 
fixing an error in one place but missing it in another, and 
relied heavily on prompt wording, with small changes lead-
ing to very different results. These limitations suggest that 
while ChatGPT is strong in fluency and broad error detec-
tion, it lacks precision and consistency, and its approach is 
not grounded in a clear linguistic or theoretical framework. 
Building on these strands, Usher (2025) offered a more sys-
tematic comparison of AI, peer, and teacher assessments in 
higher education, employing a mixed-methods design with 
a standardized rubric and structured prompting. This study 
showed that AI chatbots provided more detailed guidance 
than peers, though human grading aligned more closely, 
and stands out for its methodological rigor compared to 
earlier explorations. 

An important point in previous studies is the approach they 
use to examine feedback, which plays a crucial role in shap-
ing their findings. We observed that, some studies adopt 
a cognitive lens, viewing feedback primarily as a scaffold 
that helps students close performance gaps (e.g., Zou et al., 
2025). Others foreground interpersonal aspects, focusing 
on tone, mitigation, and affect (Jiang & Hyland, 2025; Mo 
& Crosthwaite, 2025). However, few studies consider both 
perspectives simultaneously, resulting in fragmented and 
often reductive conclusions. Moreover, their reliance on 
surface-level revision metrics limited insights into how stu-
dents cognitively or emotionally processed that feedback. 
For example, Jiang and Hyland (2025) emphasized only the 
affective limitations of AI-generated responses, noting the 
absence of interpersonal engagement while not address-
ing the cognitive dimension. Another issue in the literature 
is that, although validated frameworks such as Hattie and 
Timperley’s or Hyland and Hyland’s exist, many researchers 
have not employed them when analyzing feedback. While 
many studies employ diverse tools, ranging from surveys 
and rubric-based scores to revision logs, few apply a shared 
theoretical lens to guide their analyses. As a result, findings 
often remain unidimensional, emphasizing either accuracy 
or learner preference, while overlooking the multifaceted 
nature of written feedback. For example, Yu and Xie (2025) 
and Barrot (2023) suggest that the absence of a structured 
theoretical framework might have hindered their ability to 
interpret their data at a deeper level. 

This issue recurs across several studies (Banihashem et 
al., 2024; Fang et al., 2023; Fleckenstein et al., 2023; Huang 
et al., 2021; Huang & Teng, 2025; Steiss et al., 2024; Usher, 
2025; Yoon et al., 2023; Zeevy-Solovey, 2024). For instance, 
Banihashem et al. (2024) compared ChatGPT and peer feed-
back on 74 students’ argumentative essays. Their results 
showed that ChatGPT was highly effective in identifying is-
sues related to grammar and structure, while peers were 
better at commenting on content and meaning. However, 
their broad coding categories were not linked to cognitive 
theory. Similarly, Escalante et al. (2023) conducted two stud-
ies to examine student preferences and outcomes when re-
ceiving ChatGPT or human tutor feedback. In the first study, 
both groups made comparable progress in writing skills. In 
the second, students expressed mixed preferences, some 
valued the interactive and personal nature of human feed-
back, while others appreciated the clarity and reliability of 
AI-generated comments. We see that their study offered 
valuable insights; however, they did not use any established 
coding scheme, nor did they employ any framework or the-
ory-driven method in their analysis. In a similar way, Fleck-
enstein et al. (2023) used rubric scoring to assess feedback 
but did not adopt a multidimensional framework, limiting 
their analysis to surface-level accuracy. It is safe to say that, 
since many previous studies relied on ad hoc methods of 
analysis or lacked theoretical frameworks, they were unable 
to produce quantitative insights. Moreover, the absence of 
established coding schemes or consistent analytical criteria 
makes these studies difficult to replicate, highlighting a key 
methodological limitation that warrants further attention.

Another issue in the current literature is that, while tone 
and interpersonal delivery are frequently mentioned, they 
are seldom the subject of systematic analysis. Steiss et al. 
(2024) introduced a rater-based evaluation of tone, but their 
analysis lacked grounding in an interpersonal model. Simi-
larly, Zou et al. (2025) noted the use of praise in AI responses 
but offered only broad descriptive insights. Moreover, the 
metacognitive dimension of feedback has also received lim-
ited attention. Zhan and Yan (2025) and Chen et al. (2025) 
observed that AI-generated feedback often results in pas-
sive uptake: students accept suggestions without question-
ing or reflecting on them. However, because most of these 
studies rely on ad hoc surveys or coding schemes, they lack 
the methodological precision to explore such patterns in 
depth. A further limitation is the imbalance in comparative 
research. Most existing studies focus on teacher versus 
ChatGPT feedback, while research directly comparing peer 
and AI-generated feedback remains scarce. This leaves im-
portant questions unaddressed, especially in peer-mediated 
contexts where feedback is shaped not only by instructional 
goals but also by identity, social dynamics, and politeness 
strategies, factors that are particularly salient in EFL settings 
(Hyland & Hyland, 2006; Yu & Hu, 2017).
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To address these gaps, current study addresses the above 
limitations in the current literature in several ways. First, it 
integrates two established models, Hattie and Timperley’s 
(2007) cognitive taxonomy and Hyland and Hyland’s (2006) 
interpersonal framework, to enable a multidimensional 
analysis of feedback. This dual lens allows us to examine not 
only what feedback targets (task, process, self-regulation), 
but also how it is delivered (tone, orientation, mitigation). Fi-
nally, most prior work used simulated writing tasks or short 
interventions. This study, in contrast, draws on extended 
classroom data collected over a semester, offering a more 
realistic view of how feedback functions in practice. 

METHOD

Design
This study employed a qualitative comparative design to in-
vestigate the nature of written feedback provided by peers 
and ChatGPT-4o on undergraduate EFL argumentative es-
says. The focus was on how each feedback source differed 
or overlapped in terms of cognitive depth and interper-
sonal style, based on two established theoretical models. 
The qualitative approach was chosen because it allows for 
in-depth analysis of the structure, tone, and purpose of 
feedback comments, which are often subtle and context-de-
pendent. This approach is particularly suitable for compara-
tive feedback studies, as it supports close reading and theo-
ry-informed interpretation of short written texts (Goldsmith, 
2021; Kopec, 2023)

Participants
30 undergraduate EFL students from the University of 
Mazandaran participated in this study. The majority were 
female (22 females, 8 males), and most were between 19 
and 21 years old. This was their first formal academic writ-
ing course, taken as part of their English language degree 
program. Their English proficiency was generally at the up-
per-intermediate level (CEFR B2), though some students 
were at the B1 or C1 level based on classroom performance 
and diagnostic writing tasks. At the beginning of the course, 
all participants were informed about the research purpose 
and procedures, and written informed consent was ob-
tained, students voluntarily agreed to participate with the 
assurance of anonymity and confidentiality. All data were 
securely stored in password-protected digital folders. The 
teacher was the first author. 

Instruments
To collect students’ peer feedback, we used Google Drive 
(see Appendix) to create e-portfolios of students’ assign-
ments. For the current study, the teacher created a shared 
Google Drive folder titled «Academic Writing, 2023» and 

gave students access to it. Subsequently, individual student 
folders were generated within this main folder, each labeled 
with a student’s name to function as their personal e-portfo-
lio. Students were then directed to upload the various drafts 
of their essays into their respective created folders. Note 
that all of the students’ writing assignments were then pro-
vided to ChatGPT-4o to obtain its feedback.

Data Collection Procedure
The study was conducted during a 15-week academic writ-
ing course in winter 2024, with weekly 90-minute sessions. 
30 undergraduate EFL students participated, divided into 
six peer feedback groups.  The Academic writing course 
spanned approximately four months (15 weeks), with week-
ly 90-minute sessions. The first session was dedicated to 
introducing the peer feedback process, during which the in-
structor formed six groups, each consisting of five students. 
From the second week onward, students were assigned 
three different essays, each following a three-stage cycle of 
feedback and revision. Students were trained how to write 
a paragraph for a few sessions and then they were gradu-
ally transit to a two-, and three-paragraph essay. The essay 
topics centered on everyday life issues and themes relevant 
to their field, such as «Advantages and Disadvantages of 
Studying in College,» «What is Metacognition,» «Motivating 
Factors for Undergraduate College Students». 

Pedagogical Feedback Cycle
During the academic writing course, students worked on 
three essays, each progressing through three stages be-
fore the final version (see Figure 1). Initially, students wrote 
their first draft by reading various available online or in print 
materials, taking notes, outlining, and engaging in free writ-
ing. They then uploaded it to their e-portfolios and shared it 
with four other peers in their group via email. Peers provid-
ed feedback using track changes through Microsoft Word 
comments, and peer feedback was shared within the group. 
In the next stage, students revised their essays based on 
the peer feedback and uploaded the second drafts to their 
e-portfolios. Then, one student in each of the six groups, in 
turn, handed in the revised draft to the teacher. The teach-
er reviewed and provided comments on a total of 6 drafts, 
which were then collectively discussed in class. Importantly, 
this stage occurred only after students had exchanged and 
incorporated peer feedback into their second drafts. Thus, 
teacher input did not shape or interfere with the peer feed-
back process itself, since all peer comments were produced 
and acted upon before teacher review. Instead, the teacher 
comments and class discussions served to refine the second 
drafts further and support the transition to the third and fi-
nal version. The third drafts were then uploaded to the 
students’ e-portfolios, completing the pedagogical 
feedback cycle.
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ChatGPT Feedback

ChatGPT was not specifically trained or customized for its 
responses. That is, we let it be free in providing feedback 
and follow its approach freely. 

Prompt Pilot Testing. Before selecting the final prompt for 
ChatGPT-4o, we tested several versions on a small sample 
of essays. We compared the responses for clarity, structure, 
and consistency. We chose a simple, open-ended prompt 
because it best reflected how students and teachers typi-
cally use ChatGPT, using straightforward instructions with-
out advanced prompt design (Wang et al., 2024). Our goal 
was not to test ChatGPT’s full potential through engineered 
prompts, but rather to observe how it naturally responds 
when asked to give feedback. Using the same prompt for all 
essays helped us capture this default behavior under realis-
tic classroom conditions.

Prompt: "I provide you with an essay written by undergraduate 
students. read thoroughly. Provide formative feedback, criticize, 
and comment on any aspects you think should be considered. 
Feel free to approach this task in your default way. The point is 
to figure out what you as ChatGPT 4o would do."

Data Analysis
This study used a qualitative content analysis approach 
guided by two established frameworks: Hattie and Timpe-
rley’s (2007) model of feedback levels (task, process, and 
self-regulation) and Hyland and Hyland’s (2006) interper-

sonal framework. We used principles from framework anal-
ysis to structure our coding process. This method is highly 
useful for applied educational research where the data is 
shaped by theory and the goal is to compare patterns across 
sources (Gale et al., 2013; Goldsmith, 2021; Stalmeijer et al., 
2024). Although Hattie and Timperley (2007) identify four 
feedback levels, we did not include the “self-level” category 
in our coding scheme. Preliminary screening of our dataset 
confirmed that instances of purely self-level comments were 
minimal and often overlapped with interpersonal strategies 
(e.g., praise, mitigation) already captured by Hyland and 
Hyland’s (2006) framework. Excluding this level avoided re-
dundancy and ensured analytic focus on the three feedback 
dimensions most relevant to writing development.

Coding Procedure
Feedback from both sources (Peer and ChatGPT) was coded 
using a deductive approach. Each comment was treated as 
a separate unit of analysis. Peer feedback consisted of 430 
individual comments. ChatGPT feedback (based on 30 es-
says) was broken down into 224 identifiable feedback units 
to allow for comparison. To ensure consistency and clarity in 
analysis, all feedback comments were entered into a coding 
spreadsheet created by the researchers (see table1).

To enhance reliability, a second coder who was an expert in 
the field independently analyzed a 20% sample of the data, 
which is a commonly used proportion in qualitative research 
for inter-rater reliability checks (Cheung & Tai, 2021). Each 
coder independently assigned codes to the same comments 

Figure 1
Pedagogical Feedback Cycle
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using the predetermined frameworks. Their coded results 
were entered into a matrix comparing agreements and dis-
agreements across categories. Cohen’s Kappa was then cal-
culated through SPSS 26 to account for agreement occurring 
by chance (McHugh, 2012). The agreement level between 
the coders yielded a Cohen’s Kappa value of 0.82, indicating 
substantial to almost perfect agreement (McHugh, 2012). 

RESULTS

Types of Feedback Peers and ChatGPT-4o 
Provide at the Task, Process, and  
Self-Regulation Levels

Cognitive Dimensions of Peer Feedback

A large share of peer comments aligned with task-lev-
el feedback, where students drew attention to grammar, 
vocabulary, and sentence mechanics. Rather than simply 
stating rules, they often expressed suggestions with gentle 
phrasing. One student, noticing a grammar issue, wrote, 
“Maybe using past perfect is more appropriate,” while anoth-
er commented, “I think you should write ‘the parents’ instead 
of ‘parents’.” These examples reflect a strong awareness of 
linguistic form, but also an intention to remain non-confron-
tational. Phrases like “I feel this part is extra,” or “There’s some-
thing missing here, maybe an article,” showed both attention 
to detail and a reliance on hedging to soften the impact of 
correction.

Moving beyond surface issues, some students provided pro-
cess-level feedback, demonstrating awareness of coherence 
and structural quality. For example, one student remarked, 
“You need to rewrite your first sentence and also connect it to 
the second,” identifying a lapse in logical flow. Another en-
couraged improved transitions: “Try to use more linking words 
like ‘in contrast’ or ‘moreover’ to connect your ideas.” Though 

not always specific, these suggestions show that students 
were applying classroom concepts and thinking about the 
reader’s experience. One particularly thoughtful comment 
stated, “Your body paragraphs are okay, but the topic sentenc-
es don’t clearly show the point of comparison.” This reflects 
attention to how arguments unfold, not just to individual 
sentences.

Only a few comments reached the level of self-regulation, 
which is the most metacognitive type of feedback in Hattie 
and Timperley’s model. These comments encouraged the 
writer to reflect, reconsider, or make decisions on their own. 
One student wrote, “You know what you want to say, so try to 
make it clearer in your own way,” which shifted the respon-
sibility back to the writer. Another offered, “You can revise 
this based on what you want to emphasize,” leaving space for 
personal choice in revision. While these types of comments 
were less frequent, they suggested that some students were 
beginning to think of revision as more than just fixing er-
rors, it was a flexible and reflective process.

Misaligned or Ineffective Peer Feedback

While many peer comments reflected effort and care, not all 
feedback was effective or aligned with the writer’s needs. 
Some comments were too vague to guide revision meaning-
fully. For instance, “Maybe try to change this part a little bit?” 
did not specify what needed changing or why, leaving the 
writer without clear direction. Others offered suggestions 
based on instinct rather than rule-based understanding, 
such as “You should use ‘would’ here because it sounds bet-
ter,” which, although well-meaning, could lead to confusion 
about grammatical accuracy.

In several cases, praise was used as a substitute for feed-
back. Comments like “Great job! I really liked it,” acknowl-
edged the effort but lacked any specific reference to con-
tent, structure, or language. These kinds of remarks, while 

Table 1
Sample Entries from the Coding Spreadsheet Used in the Analysis

ID Source Original Comment Hattie & Timperley 
Level

Hyland & Hyland 
Strategy

1 Peer I think you wrote a great paragraph and your supporting 
sentences supported your main idea!

Task-Level Facilitative + Mitigated

2 Peer Isn’t this your concluding sentence? I think you should put 
it at the end of your paragraph.

Self-Regulation Facilitative + Questioning

3 ChatGPT Your writing shows great potential. Try to elaborate more 
in the body paragraphs.

Process-Level Directive + Encouraging

4 ChatGPT Consider breaking this long sentence into two for clarity. Task-Level Directive + Neutral

5 Peer Maybe using past perfect is more appropriate. Task-Level Facilitative + Hedged

6 ChatGPT The essay effectively contrasts emotions before and after 
college. Try to support it with more examples.

Process-Level Directive + Neutral
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emotionally supportive, did little to contribute to the writer’s 
revision process.

There were also moments of misunderstanding between 
the peer and the writer. One student wrote, “I think you are 
trying to compare two ideas, but it’s not clear which one you 
prefer,” even though the original task was explanatory, not 
argumentative. This misalignment between task type and 
peer interpretation points to a deeper issue—how students 
perceive the purpose of the writing and how that perception 
shapes the feedback they give.

In some cases, the effort to be kind or indirect actually weak-
ened the message. For example, “Umm maybe I’m wrong but 
like… could this sentence be kind of too long or something?” 
reflects a high degree of hedging, making it difficult for the 
writer to identify what specifically needs revision. Similarly, 
comments such as “This reminds me of my cousin’s story, haha 
😅,” while friendly and engaging, diverted attention from 
the task and provided no usable feedback.

These examples illustrate a central challenge in peer inter-
action: balancing emotional sensitivity with instructional 
clarity. For developing writers, such feedback can shape not 
only what they revise, but also how confident they feel do-
ing so. When feedback lacks clarity or misinterprets intent, 
it can delay progress or create confusion - especially in early 
academic writing contexts where genre awareness and revi-
sion strategies are still forming.

Cognitive Dimensions of ChatGPT Feedback

ChatGPT’s comments were primarily situated at the task 
and process levels. Much like a trained instructor, it routine-
ly flagged sentence-level clarity, grammar, and phrasing. 
In one response, it advised, “Consider breaking this sentence 
into two to improve readability,” and in another, “Avoid start-
ing sentences with ‘And’ in formal writing.” These suggestions 
were direct and rule-based, offering immediate fixes with-
out hedging or uncertainty.

At the process level, ChatGPT provided structural feedback, 
often noting whether topic sentences were clear or tran-
sitions smooth. It stated, “The introduction sets up the topic 
well, but the thesis could be more specific,” and “The conclusion 
summarizes your main points but doesn’t reflect back on the 
opening.” While this showed a grasp of essay architecture, 
the feedback was often generic. It followed a recognizable 
pattern, general praise, followed by issue identification, and 
then a recommendation. Though effective, it lacked the con-
textual nuance of a human reader engaging with meaning 
and intention.

What was notably missing was feedback that encouraged 
self-regulation. ChatGPT seldom prompted the writer to 
make choices, reflect on meaning, or consider multiple revi-
sion paths. Instructions like “Add a supporting example here,” 

or “Rephrase this for clarity” were practical but one-direction-
al. They did not engage the writer as an agent in their own 
revision process. For students still learning how to think crit-
ically about their writing, this could result in revisions that 
are technically accurate but conceptually shallow.

Moreover, while ChatGPT was effective in pointing out er-
rors, it occasionally failed to address meaning-level or rhe-
torical misalignments, especially when essays lacked clarity 
in purpose or tone. In several instances, it overlooked ambi-
guities in argument structure or misinterpreted an essay’s 
intent due to its reliance on surface cues. This suggests that 
although ChatGPT can accelerate revision, it is less equipped 
to guide students through conceptual refinement, which is 
essential in academic writing development.

Ignoring Meaning-level Issues

Although ChatGPT-4o consistently provided accurate and 
organized feedback on grammar, structure, and style, it of-
ten failed to engage with deeper meaning-level or rhetorical 
issues in student essays. Its language-focused orientation 
allowed it to detect surface-level problems, but in doing so, 
it sometimes overlooked logical inconsistencies, vague rea-
soning, or conceptual confusion—areas that are critical for 
writing development.

In several cases, ChatGPT addressed surface phrasing while 
ignoring deeper problems of coherence or argument. For 
example, in one essay, a student wrote: “Studying in college 
is very good because it helps you not be a loser.” ChatGPT re-
sponded, “Consider using more formal language. ‘Loser’ may 
not be appropriate in academic writing.” While this advice was 
technically accurate, it missed the larger issue—the lack of 
elaboration and weak argumentative framing behind the 
statement.

Similarly, in the sentence “Motivation is when students do 
hard and never stop until they reach happiness in their exam,” 
ChatGPT flagged the phrase “do hard” and suggested re-
placing it with “work hard”. However, it ignored the vague 
and circular nature of the definition, as well as the problem-
atic goal of achieving “happiness” through exams—an issue 
more semantic than syntactic.

There were also instances where ChatGPT applied generic 
praise to weak content. In one paragraph that stated, “Col-
lege give you skills. You will have better life and also job and 
marry,” ChatGPT responded: “This paragraph introduces a 
clear idea. Consider expanding on ‘skills’ with specific exam-
ples.” While encouraging elaboration, the feedback failed 
to address the overly simplistic reasoning, repetitive phras-
ing, and culturally narrow assumptions embedded in the 
sentence. These examples point to a recurring limitation 
in ChatGPT’s current feedback design: its ability to detect 
and respond to language issues does not always extend to 
conceptual clarity, argument strength, or writer intent. As 
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a result, students may receive grammatically accurate but 
rhetorically uncritical feedback, making it easier to revise 
form than to engage in deeper reflection or restructuring.  

ChatGPT-4o and Peer Feedback Exhibit Distinct 
Interpersonal Delivery Patterns

Interpersonal Features of Peer Feedback

Interpersonally, peer comments often reflected a facilitative 
tone, rich in praise and emotionally supportive language. 
Many students began their comments with encouragement 
before offering critique. Comments like “Well done dear 👍,” 
or “Nice paragraph 👏,” were frequently used to acknowl-
edge the writer’s effort and soften the delivery of feedback. 
Even when addressing problems, students were careful with 
their language. A comment like, “Just a suggestion, but I feel 
this sentence could be clearer,” shows both attention to quali-
ty and a desire to avoid sounding harsh.

This interpersonal tone often shaped how feedback was re-
ceived and possibly acted upon. Praise and emojis helped 
create a low-stress environment, potentially encouraging 
students to remain open to critique. For example, “Maryam, 
I think starting with a dictionary definition was a smart move,” 
not only offered a positive evaluation but also personal-
ized the feedback, reinforcing peer-to-peer trust. Similarly, 
phrases like “I really enjoyed your ideas 😊” or “It was perfect, 
just this one small part needs work” reflected a culture of en-
couragement, which may support emotional investment in 
revision.

However, the emphasis on preserving harmony occasionally 
diluted the feedback’s instructional value. Vague comments 
like “I liked your conclusion” or “This feels vague and odd” 
lacked specificity and were unlikely to lead to meaningful re-
vision. Yet even these comments served a social function—
helping students maintain connection and save face. This 
raises a key consideration: interpersonal strategies such as 
praise, hedging, and emoji use may increase feedback up-
take by making students feel supported, but they may also 
limit revision quality when clarity is sacrificed for politeness.

From a developmental perspective, this balance between 
clarity and care is significant. Students in this setting were 
learning not only how to give feedback but how to manage 
emotional and relational dynamics while doing so. These 
early experiences in giving constructive yet sensitive peer 
feedback may contribute to long-term writing development 
by fostering reflection, dialogue, and revision ownership - 
even when the feedback itself isn’t always precise.

Interpersonal Features of ChatGPT Feedback

ChatGPT’s interpersonal stance was markedly different from 
that of peer feedback. Its tone was consistently formal, pro-

fessional, and emotionally neutral. The system avoided per-
sonal pronouns, affective language, or any relational fram-
ing. Unlike peers who often began with phrases like “Great 
job” or “Well done,” ChatGPT opened its responses with state-
ments such as, “This essay has a clear structure but lacks elab-
oration in some parts.” These comments were informative 
but detached, offering little emotional cushioning.

Although this authoritative stance ensured clarity, it may 
feel impersonal or even cold to students, especially in early 
writing stages. There was no hedging (“maybe,” “perhaps”) or 
affective language to ease the emotional impact of critique. 
Every comment was structured as a directive, leaving little 
room for dialogue or empathy. From Hyland and Hyland’s 
perspective, ChatGPT operates purely in a directive mode, 
focused on task execution, not relationship-building.

While this authoritative tone helped ensure clarity and effi-
ciency, it may have felt impersonal or even cold—especially 
for novice writers in the early stages of academic writing 
development. The lack of hedging (“maybe,” “it seems,” “you 
might consider”) or social softeners meant that all sugges-
tions came across as final and unquestionable. Every com-
ment was phrased as a directive or statement of fact, leav-
ing minimal space for dialogue or negotiation. From Hyland 
and Hyland’s (2006) perspective, ChatGPT’s approach aligns 
with a purely directive mode, where feedback focuses on 
what needs to be done rather than how it might be dis-
cussed or co-constructed.

This impersonal format may affect how students interpret 
and act upon feedback. For some, the clarity and structure 
may be reassuring, offering confidence in what needs re-
vision. But for others—especially those still building their 
identity as writers—the absence of warmth, praise, or en-
couragement may limit emotional engagement and reduce 
motivation to revise deeply. Without interpersonal cues, 
the feedback becomes more transactional than relational, 
potentially narrowing the revision process to surface-level 
corrections.

Key Similarities and Differences Emerge 
Between Peer and ChatGPT-4o Feedback in EFL 
Academic Writing

To illustrate the distribution of feedback types more clearly 
see Table 2 as it summarizes the proportion of each feed-
back level observed in peer and ChatGPT-4o comments. 
Note that Although ChatGPT feedback was originally gen-
erated for 30 essays, its responses were dissected into in-
dividual feedback units for analysis, mirroring the unit-level 
coding used for peer comments. This approach ensures the 
comparison presented in Table 2 reflects the actual distribu-
tion and nature of feedback.
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Taken together, the peer and ChatGPT feedback revealed 
two distinct but complementary approaches to supporting 
student writing. While ChatGPT offered consistent, detailed, 
and technically accurate feedback, especially on grammar 
and structure, it largely remained at the task and process 
levels and lacked the nuance of reflection or personaliza-
tion. On the other side, peer feedback was more variable in 
quality, but often rich in interpersonal tone and occasionally 
engaged with deeper aspects of content, meaning, and writ-
er intention.

Peers brought emotional support, relational awareness, 
and at times a flexible understanding of context, often us-
ing praise, hedging, or reflective prompts to shape their re-
sponses. Their comments were socially sensitive and some-
times messy, but they revealed an effort to connect with the 
writer as a person. ChatGPT, on the other hand, maintained 
a professional, impersonal stance that emphasized efficien-
cy and clarity, but offered little room for dialogue or inde-
pendent decision-making.

DISCUSSION

The findings of this study revealed notable contrasts and 
overlaps between the two sources, particularly in terms 
of cognitive depth, tone, and delivery style. Peer feedback 
was detailed, subjective, and frequently focused on sen-
tence-level issues, which aligns with the task level in Hattie 
and Timperley’s feedback model. These comments typically 
addressed grammar, vocabulary, and phrasing, reflecting a 
surface-level focus, ChatGPT-4o, in contrast, offered struc-
tured and consistent feedback. Its responses emphasized 
essay structure, coherence, and grammatical accuracy, op-
erating mainly at the task and process levels. These findings 
align with previous studies (Banihashem et al., 2024; Yu & 
Hu, 2017; Zeevy-Solovey, 2024). However, approximately 
18% of peer comments extended beyond task-level, target-
ing argument building, planning, or paragraph flow, indica-
tors of process and self-regulation levels. This demonstrates 

that, despite a tendency toward surface correction, some 
students engaged in deeper cognitive work when prompted 
by peer interaction. 

In this study, peer feedback also showed variation in depth 
and clarity. This inconsistency, mirrors findings by Shi and Ar-
yadoust (2024), who reported that peer feedback can range 
widely depending on students’ proficiency and confidence. 
Peer comments also addressed the process level feedback 
by focusing on the logical development and thematic rele-
vance of arguments, showing sensitivity to whether ideas 
were thematically appropriate. This supports Escalante et al. 
(2023), who observed that human feedback is more likely 
to address content appropriateness and meaning-making. 
Nevertheless, the variability in peer feedback underscores 
the need for structured training. Without explicit instruction 
in providing evidence-based and cognitively rich comments, 
students risk defaulting to vague praise or surface-level 
critique. However, only 4.2% of ChatGPT comments in our 
study involved process-level guidance, and fewer than 2% 
included self-regulation prompts. 

These findings reveal a significant pedagogical gap, that is, 
ChatGPT may facilitate surface-level correction, but it does 
not support students in developing reflective revision hab-
its or evaluative thinking. This confirms findings by Xie et 
al. (2025), who observed that students frequently accepted 
ChatGPT’s suggestions without question, leading to passive 
uptake and limited metacognitive engagement. Teng (2024) 
similarly found that while students gained confidence using 
AI, they showed no significant improvement in self-mon-
itoring or evaluative judgment. This lack of metacognitive 
prompting contradicts Hattie and Timperley’s (2007) mod-
el, which positions self-regulation as the highest and most 
transformative level of feedback. 

The consequences of this omission are profound. Students 
exposed primarily to ChatGPT risk becoming overly reliant 
on external correction and may not develop the internal 
dialogue necessary for independent revision.  Moreover, 

Table 2 
Comparison of Peer and ChatGPT Feedback across Cognitive Levels and Interpersonal Strategies (Based on Unit-Level Coding of 
Individual Feedback Points)

Dimension Peer Feedback (n = 430) ChatGPT Feedback (n = 224)

Task-Level 55% 60%

Process-Level 30% 38%

Self-Regulation 15% 2%

Facilitative Tone 65% 15%

Directive Tone 35% 85%

Mitigated/Hedged Language 58% 10%

Emotionally Expressive 40% 2%

Neutral/Formal Tone 10% 98%
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this study showed that peers were cautious while provid-
ing feedback and this aligns with Banihashem et al. (2024) 
and Escalante et al. (2023) who also highlight this pattern of 
socially supportive peer interaction. In Iranian classrooms, 
where Hofstede’s (2001) dimensions indicate high collec-
tivism and uncertainty avoidance, emotionally neutral or 
overly direct feedback may be perceived as discouraging 
or overly critical. This mismatch can create dissonance, re-
ducing students’ willingness to engage with feedback and 
undermining its intended effect. Thus, pedagogically, the 
challenge is not only cognitive but cultural: educators must 
teach students to interpret directive tone not as authoritari-
an command, but as academic input open to negotiation. To 
mitigate these issues, we propose a blended feedback mod-
el that draws on both sources: ChatGPT can offer immedi-
ate, structured input on grammar and cohesion, followed by 
peer review sessions focused on content, tone, and mean-
ing-making. This recommendation aligns with Wang et al. 
(2023), who advocate for hybrid feedback systems.  

In practical terms, a classroom-based implementation might 
follow a staged sequence: students use ChatGPT to revise 
surface-level issues in an initial draft, then receive peer feed-
back guided by rubrics that emphasize rhetorical clarity, ar-
gument development, and interpersonal tone. The teacher 
mediates both stages: highlighting conflicts, reinforcing 
deeper prompts, and explicitly addressing how to interpret 
directive versus facilitative cues. This pedagogical training 
must go beyond operational fluency and address critical in-
terpretive skills, as what Carless and Boud (2018) refer to 
as feedback literacy. Only through such integrative training 
can we develop writers who are not only accurate, but also 
strategic, self-regulated, and responsive to feedback in all 
its forms.

Also, we should note that while Hattie and Timperley’s (2007) 
model offers a clear structure for analyzing feedback, it was 
developed in school settings and may not fully capture the 
complexity of university-level EFL writing, where revision is 
more recursive and rhetorically driven. Likewise, Hyland and 
Hyland’s (2006) interpersonal model, though valuable, was 
not designed with AI-mediated feedback in mind, limiting its 
applicability to machine-generated tone and relational cues. 
These limitations suggest a need for expanded models that 
address both academic discourse socialization and evolving 
digital feedback forms. However, this study aimed to pave 
the way for future framework-based and theory-driven anal-
yses in feedback research, especially in the age of AI-assist-
ed language learning, by demonstrating how established 
models can be applied and adapted to emerging feedback 
contexts.

CONCLUSION

Overall, peer responses in our study reflected all three cog-
nitive levels, task, process, and occasionally self-regulation, 

and were often delivered with a personal and facilitative 
tone. ChatGPT, on the other hand, mostly stayed within the 
task and process levels and maintained a neutral, directive 
voice, showing little variation in interpersonal approach.  
This study’s contribution lies in its integration of a dual-the-
oretical framework, Hattie and Timperley’s cognitive model 
and Hyland and Hyland’s interpersonal framework, applied 
to real classroom data using validated coding schemes. 
This approach provides a replicable method for systemat-
ically analyzing multidimensional feedback, particularly in 
hybrid learning environments. The findings of this study 
have several implications for EFL teachers, students, and 
teacher training programs. First, teachers can improve the 
feedback process by recognizing the differences between 
AI and peer feedback. When each source’s strengths are 
clearly understood, teachers can assign feedback tasks ac-
cordingly, making the process more efficient and produc-
tive. To support this, teachers should train students to use 
AI for general and structural revisions, while managing their 
expectations about what AI can and cannot offer. Helping 
students understand the unique roles of peer and AI feed-
back promotes greater independence in revision, as they 
learn when to rely on each source based on the feedback 
focus. More importantly, instructors must be prepared to 
manage these hybrid ecosystems pedagogically. This in-
cludes teaching students how to interpret directive versus 
facilitative feedback, reflect on their own writing goals, and 
synthesize suggestions from multiple sources. Without such 
guidance, learners may become overly reliant on AI or mis-
interpret its tone. Teacher training programs can also play a 
key role by equipping teachers with practical strategies for 
using AI feedback tools. Training should also address how to 
coach students in evaluating the credibility, tone, and depth 
of feedback as what Carless and Boud (2018) call “feedback 
literacy”, to ensure they develop as autonomous writers in 
AI-augmented classrooms.

Limitations
One possible limitation of this study lies in the use of a sin-
gle, open-ended prompt to elicit feedback from ChatGPT-4o. 
However, this choice was intentional. Our aim was not to test 
the full potential of AI feedback under ideal prompting con-
ditions, but to examine how ChatGPT responds in its default 
mode, a scenario that reflects how students or instructors 
are likely to engage with the tool in practice. It is also possi-
ble that the wording of the prompt itself, which included the 
instruction to criticize, influenced the directive and imper-
sonal tone of ChatGPT’s feedback. While this phrasing was 
chosen to elicit a natural, unfiltered response, it may have 
inadvertently shaped the style of feedback produced. Other 
limitations include the homogeneity of the participant sam-
ple, limited to Iranian undergraduate EFL learners, which 
restricts generalizability across cultures and proficiency lev-
els. Cultural norms around politeness and collectivism may 
have influenced the interpersonal tone of peer feedback. 
Moreover, the absence of revision tracking or learner per-
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ception data limits our ability to determine how feedback 
was received or applied. Finally, the qualitative nature of the 
analysis introduced a degree of subjectivity, and although 
mitigated through double-coding and the use of validated 
schemes, the possibility of confirmation bias cannot be fully 
eliminated.

Future Research
Future studies could explore how different types of prompts 
affect ChatGPT’s feedback, particularly in relation to self-reg-
ulation and interpersonal tone. Comparing tailored versus 
default prompting strategies may offer further insight into 
how AI feedback can be optimized for classroom use. An-
other direction is exploring how students at different profi-
ciency levels respond to AI feedback. Experimental designs 
that measure actual revision uptake or learning gains across 
feedback types would help establish causal links between 
source, tone, and learning outcomes. Finally, longitudinal 
studies could track how students improve over time when 

using both peer and AI feedback, identifying which type 
supports specific writing skills most effectively. Integrating 
real-time classroom data, prompt engineering experiments, 
and mixed-method feedback literacy interventions would 
further advance our understanding of AI-mediated feed-
back in diverse educational contexts. 
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APPENDIX

Examples of Google Drive and Google Docs Environments Used for Peer Feedback 
Figure 2
An example of an e-portfolio using Google Drive

Figure 3
Collaborative environment of Google Docs with real-time peer feedback
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