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ABSTRACT

Introduction: The rapid advancement of generative artificial intelligence (GenAl) has outpaced
earlier reviews of its role in scholarly writing. Scholarship is shifting from problem-framing
to explicitly normative work emphasising transparency, accountability, and sustained human
oversight, yet the operationalisation of ethical guidance in editorial and authorial practice
remains insufficiently systematised.

Purpose: This scoping review maps 2025 evidence on Al applications in academic publishing and
identifies emerging normative frameworks that enable workflow efficiencies while preserving
human intellectual ownership and accountability.

Method: Using the Arksey and O'Malley framework and PRISMA-ScR reporting, we systematically
searched Scopus for English-language articles and reviews published in 2025. Eligibility criteria
were defined via the PCC framework. Included publications were charted and analysed
thematically to capture use cases, governance responses, and ethical concerns.

Results: The search identified 334 records, with 56 publications meeting the inclusion criteria.
The corpus shows global authorship and, after manual verification, an approximately balanced
mix of reviews and primary studies, revealing substantial document-type misclassification in
the database. Discourse clusters around governance (authorship and policy), technological
impact (content quality), and risk mitigation (academic integrity). Prominent use cases include
support for intellectual tasks (ideation, outlining, and synthesis), language enhancement, and
support in peer review and editorial workflows; each catalyses distinct ethical challenges. In
response, structured normative frameworks, such as tiered disclosure models and task-based
Al taxonomies (e.g., GAIDeT), are emerging to make accountability auditable while preserving
human oversight. Across the sample, Al is positioned as an assistive tool subordinate to human
responsibility; immediate ethical regulation dominates, whereas educational integration and
broader cultural critique remain secondary. We outline a research agenda focused on framework
validation, improved detection infrastructures, longitudinal cognitive outcomes, human-Al
collaboration design, policy standardisation, and decolonial analyses of algorithmic bias.
Conclusion: The field is moving from problem identification toward solution-oriented
governance. Progress now depends on interdisciplinary efforts that translate normative
principles into workable publishing procedures, ensuring GenAl strengthens, rather than
undermines, academic integrity and equitable knowledge production.
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INTRODUCTION

The rapid integration of generative artificial intelligence
(GenAl) into the academic landscape has catalysed one of
the most significant shifts in scholarly communication in
decades, sparking a complex and urgent ethical debate. A
primary focus of this discourse has been on establishing ro-
bust norms for transparency, requiring clear disclosure of Al
use, and upholding the non-negotiable principle of human
oversight and authorial responsibility (Cheng et al., 2025).
This conversation intensified dramatically following the pub-
lic release of ChatGPT 3.5, which initially led to publications
controversially listing the Al as a co-author (King & ChatGPT,
2023). This practice, however, was quickly met with scrutiny,
unleashing a broader academic conversation that moved
beyond simple authorship attribution to critically examine
the nature, limits, and ethical implications of Al's contribu-
tion to scholarly work (Hufton, 2023; Quasem, 2023; Knochel
et al., 2025).

In response to this ferment, a consensus has begun to coa-
lesce around a tiered model of ethical use, which prioritises
applications that augment rather than replace human intel-
lect. This framework categorises Al use from the ethically
sound (such as refining grammar, improving readability,
and translating text with human verification) to the ethically
contingent, including generating outlines or brainstorming
ideas, but only when based on substantial human-provided
input and critical steering (Cheng et al., 2025). The core of
this model is the principle of human primacy, which asserts
that the primary ideas, critical analysis, intellectual sub-
stance, and final accountability for a manuscript must origi-
nate from and be owned by human authors. Consequently,
leading editorial bodies like the Committee on Publication
Ethics (COPE, 2024)" and the International Committee of
Medical Journal Editors (ICMJE, 2025)? have explicitly prohib-
ited attributing authorship to Al tools, arguing that they can-
not assume accountability for the work. Their use, however,
can and should be formally acknowledged in the manuscript
(Yoo, 2025).

The top-down guidance from the publishing ethics commit-
tees has created an urgent and pragmatic need for publish-
ers, journals, research institutions, and universities world-
wide to translate these principles into concrete, actionable
guidelines. The absence of clear, institution-specific policies
creates a vacuum filled by ambiguity and inconsistent prac-
tices, potentially compromising academic integrity and cre-
ating ethical risks (Alberth, 2023). Publishers require stand-
ardised protocols for manuscript screening and reporting;
journals need clear instructions for authors and reviews on
permissible Al use; universities and research institutions
must develop training, ethical frameworks, and authorship

policies that address the use of these tools in grant writing,
student work, and research dissemination. The current pe-
riod is this characterised by a race to adapt, with stakehold-
ers across the academic ecosystem grappling with how to
properly address the current stance on Al appliances in a
way that is both principled and practical (Lim B. et al., 2025).

The COPE guidelines (2024) underscore this complexity,
emphasising that authors are not only responsible for the
validity and originality of their content but also for ensuring
that any use of Al does not breach copyright or introduce bi-
ased on fabricated information. COPE recommends that the
use of Al be thoroughly and transparently described in the
methods section or another appropriate part of the manu-
script. Such comprehensive disclosure is no longer a mere
recommendation but is increasingly seen as a cornerstone
of contemporary research integrity, essential for maintain-
ing trust and allowing for the critical appraisal of the re-
search process by editors, reviewers, and readers (Hosseini
et al., 2025).

Concurrent with this policy evolution, a burgeoning body
of research continues to refine ethical practices, with a
marked annual increase in relevant publications. This lit-
erature closely tracks the evolving use patterns of Al and
Al-powered tools across the entire scholarly writing lifecy-
cle (Bozkurt, 2024; Bobier et al., 2025). A significant focus
is on the educational imperatives for researchers, ensuring
they develop the necessary digital and ethical competen-
cies for responsible engagement. Simultaneously, there is
a pronounced emphasis on delineating ethically sound ap-
plications of Al at every stage of the scientific publishing
workflow (from the initial literature review and data analy-
sis to manuscript drafting, peer review, and the verification
of references) aiming to integrate technological innovation
seamlessly with unwavering academic integrity (Erdat et al.,
2025).

The decision to undertake this new systematic scoping re-
view in 2025, following our earlier works in 2023 and 2024
(Tikhonova & Raitskaya, 2023; Raitskaya & Tikhonova, 2024),
is a direct response to the unprecedented velocity of change
characterizing the field of generative Al. The knowledge
landscape in this domain is not merely expanding. It is fun-
damentally transforming at a pace that renders even recent
syntheses quickly outdated. Our earlier works captured the
initial shockwave of ChatGPT’s release and the emergent
themes of ethical panic and potential. However, the sub-
sequent period has seen the rapid maturation of Al tools,
the development of more nuanced and varied policies from
publishers and institutions, and a significant body of new
empirical research on real-world implementation and out-
comes.

T COPE. Authorship and Al Tools. https://publicationethics.org/guidance/cope-position/authorship-and-ai-tools

2 ICMJE Recommendations. https://icmje.org/recommendations/
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This review is therefore necessary to map this newly evolved
territory, capturing the consolidation of certain practices,
the resolution of early debates, and the emergence of new,
more complex challenges that were only nascent a year ago.
While the reviews by Khalifa & Albadawy (2024), Raitskaya
& Tikhonova (2024), Fabiano et al. (2024), Yan et al. (2024)
and others effectively mapped the initial landscape of AI
applications and challenges in academic writing, they were
based on literature from the immediate post-ChatGPT re-
lease period (2023-2024). A 2025 review is critical to capture
the subsequent wave of empirical studies, institutional pol-
icy implementations, and evolving ethical frameworks that
have emerged as the technology has become more deeply
integrated into scholarly workflows.

This new review will provide an updated and more compre-
hensive synthesis, moving beyond initial explorations to
document established use-cases, longitudinal impacts, and
the effectiveness of proposed mitigation strategies for ethi-
cal challenges. Furthermore, it addresses a specific gap left
by previous publications by systematically investigating how
high-level ethical guidelines are being operationalized by re-
searchers, publishers, and institutions. By focusing explicitly
on the intersection of “Uses” and “Ethical Approaches,” the
2025 review aims to offer a crucial, forward-looking resource
to guide the responsible, effective, and equitable integra-
tion of generative Al into the very foundation of knowledge
production and dissemination.

The review aims to synthesise and summarize uses of Al and
Al-powered appliances in scholarly writing and publishing
in 2025.

The research questions:

RQ 1. What are the basic features and distribution of pub-
lications examining Al uses in scholarly writing and
publishing?

What are the predominant thematic clusters that char-
acterise the scholarly discourse on the use of Al and
Al-powered tools in academic writing and publishing?
How do prevailing patterns of Al application in schol-
arly writing shape the associated ethical discourse,
and what normative frameworks are emerging in re-
sponse?

RQ 4. What are the future research agendas for the field?

RQ 2.

RQ 3:

METHOD

Protocol

To ensure methodological rigor, a comprehensive research
protocol was developed prior to commencing this scoping
review. This final report constitutes a transparent and accu-
rate representation of the review as conducted. The meth-
odological approach was informed by the stages set forth by

Arksey and O'Malley (2005) and reported in accordance with
the PRISMA-ScR guidelines (Tricco et al., 2018). The review
was carried out in strict adherence to the pre-established
protocol, with no recorded departures.

Eligibility Criteria

The problem, concept, and context (PCC) were defined to
establish an effective search strategy (see Table 1), with a
rationale for each criterion. A discussion and some calibra-
tion exercises were performed before the criteria were final-
ly established.

Search Strategy

The selection of keywords was an iterative process, informed
by the review objective, research questions, and a scoping of
the current literature. These candidate terms were evaluat-
ed and refined through a series of preliminary searches to
finalize the most effective terminology. The subsequent de-
finitive search was conducted in the Scopus database using
the following keyword strings:

(1) (AI) AND (scholarly writing OR academic writing OR
research reporting OR Al-assisted writing OR research
workflow OR manuscript preparation);

(2) (ethics) AND (research) AND (Al-assisted writing).

The literature search for this scoping review was executed
concurrently by both authors on the same date to maintain
procedural uniformity. The initial pool of identified publica-
tions was then subjected to the eligibility process, with in-
clusion contingent upon relevance and full-text availability.

Study Selection

The study selection process was conducted as follows:

(1) Initial identification: both reviewers independently
identified publications using the pre-defined keywords
and eligibility criteria.

(2) Database filtering: preliminary screening was per-
formed using Scopus internal filters for publication
data, language, subject area, and document type.

(3) Title and abstract screening: the reviewers inde-
pendently screened the titles and abstracts of the
filtered results, tagging each record as “include” or
“exclude”. Any discrepancies were resolved through
discussion until a consensus was reached.

(4) Full-text retrieval: the full texts of provisionally included
studies were sourced from publishers’ websites or by
directly contacting the corresponding authors via aca-
demic networks.

(5) Final eligibility assessment: both reviewers then per-
formed a full-text review of the retrieved documents
independently to make the final determination on eli-
gibility.

JLE | Vol. 11 | No. 4 | 2025
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Table 1
Eligibility Criteria
Criterion Inclusion Exclusion Rationale
Problem Uses of Al and All publica- The problem encompasses the entire workflow from literature search and
Al-powered applianc-  tions beyond data analysis to manuscript drafting and peer review
es in scholarly writing  the theme
and publishing
Concept Scholarly writingand  Other The concepts cover the ways Al is used and its implications for (1) Scholarly
ethics of scholarly concepts Writing (quality, originality, authorial voice, transparency, and the very nature
publishing of academic authorship); (2) Ethics of Publishing (authorship attribution, dis-
closure requirements, plagiarism, reproducibility, bias in Al systems, and the
integrity of the scientific record)
Context Research at large and  Other The context clearly situates the review within the specific environment where
academic journals contexts these issues are most relevant.
Higher Education and Research: Captures the perspective of researchers, fac-
ulty, and graduate students who are primary users of these tools.
Academic Journals: Captures the perspective of publishers, editors, and peer
reviewers who are gatekeepers of the scholarly record and are creating poli-
cies in response to Al
Language English Other The object of all research in focus is scholarly publications in English. The lan-
languages guage choice is also identified by its status as a lingua franca of international
science
Time period All publications for Not applica-  The review aims to synthesise the current knowledge on the Al uses in re-
2025 ble search writing and publishing
Types of Full texts of articles, Unavailable The chosen types of publications represent the most authoritative and foun-
sources reviews, and edito- sources, un-  dational pillars of the scientific literature. Full-text articles (particularly primary
rials indexed at the available full  research) provide the original data, methodologies, and empirical evidence.
Scopus database texts Review articles offer a critical synthesis of this primary literature, distilling
findings from numerous studies to map the current state of knowledge. Ed-
itorials are a crucial scholarly genre as they interpret the significance of new
discoveries and often identify nascent fields, ethical dilemmas, and paradigm
shifts before they are fully evident in the primary literature
Geogra-phical  Any location Not The choice was deliberately designed to encompass a global scope to capture
location applicable the worldwide dissemination, adoption, and discourse surrounding, avoiding
the limitation of a single regional context
Database Scopus Other bases  Scopus was selected as the primary database for this scoping review due to its
extensive and interdisciplinary coverage of high-quality, peer-reviewed litera-
ture. As one of the largest curated abstract and citation databases, it provides
robust indexing across the key subject areas central to this investigation al-
lowing for a comprehensive mapping of the scholarly discourse. Its advanced
search functionality and reliable export features facilitate a systematic and
reproducible search strategy, ensuring that the review captures a represent-
ative body of published research on the practices and ethical implications of
Generative Al across the academic landscape.
Areas of Social Sciences; Other areas  The selection of subject areas for this review (Social Sciences, Computer
Research Computer Science; Science, Medicine, Arts and Humanities, Engineering, and Decision Sciences)
Medicine; Arts and is strategically designed to capture the multifaceted discourse on Genera-
Humanities; Engi- tive Al in academia. This interdisciplinary approach is necessary because the
neering; Decision conversation is siloed across domains that each provide an indispensable
Sciences perspective: Computer Science and Engineering literature forms the techni-
cal foundation, detailing the capabilities and limitations of the tools them-
selves; Medicine and Social Sciences offer critical insights into the practical
application and behavioural impact of these tools in high-stakes, empirical
research environments; the Arts and Humanities contribute the foundational
philosophical and critical analysis of core ethical concepts like authorship,
originality, and creativity that are being fundamentally challenged; and final-
ly, Decision Sciences provides the crucial governance perspective, capturing
literature on institutional policies, ethical frameworks, and strategic man-
agement of Al integration. Without this comprehensive scope, the review
would risk presenting a fragmented or incomplete map of the interconnected
practices and ethical implications defining the field
8 JLE | Vol. 11 | No.4 | 2025
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Data Charting

A data-charting form was developed collaboratively by
the authors. To calibrate the process, both reviewers inde-
pendently piloted the form by extracting data from five in-
cluded studies. The form was then refined through an iter-
ative discussion. The final captured data variables included
title of study, author(s), year of publications, type of publica-
tions, theme of publications, author keywords, Al or AI-pow-
ered appliances, uses of Al and Al-powered appliances, pop-
ulation if applicable, research design if applicable, type of
review if applicable, key findings, future research agendas.
All extracted data were subsequently verified by both au-
thors to ensure accuracy.

Data Analysis and Validation

The analysis of the charted data-utilised a mixed-methods
approach, integrating descriptive synthesis with themat-
ic analysis to address the research questions. The process
began with a within-case analysis of individual studies, ex-
amining key contextual variables including research design,
population, application of Generative Al, principal findings,
and proposed research agendas. Subsequently, a cross-
case analysis was conducted to systematically identify, code,
and compare patterns, points of coverage, and divergenc-
es across the entire corpus of publications. This coding was
performed independently by both reviewers and subse-
quently refined through iterative discussions to establish
analytical consensus and reliability.

Figure 1
PRISMA 2020 Flow Chart. Selection of Publications for the Review

Emergent thematic clusters were further validated through
a bibliometric co-occurrence analysis of keywords using
VOSviewer. This integration of quantitative keywords map-
ping served to triangulate and substantiate the inductively
derived themes with empirical trends from the literature
itself. The final synthesis is therefore structured around
these validated thematic clusters, each substantiated with
representative evidence from the included studies. These
clusters form the foundational framework for answering
the research questions and for delineating the review con-
clusions regarding ethical directions, prevailing uses of Al
scholarship, and consolidated agenda for future research.

RESULTS

Search and Selection Results

A systematic search of the Scopus database was conducted
on October 29, 2025, using predefined search strings related
to Al and ethics in scholarly writing. The initial search yield-
ed 334 records after removing 24 duplicates and applying
database filters. Subsequent title and abstract screening
reduced this number to 216. Following the retrieval and
eligibility assessment of 103 full-text publications, 42 were
excluded as irrelevant. Consequently, a final sample of 56
publications was included in the review. The PRISMA flow-
chart (Figure 1) depicts the whole identification and screen-
ing procedure.

JLE | Vol. 11 | No. 4 | 2025
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Publication Landscape: Volume, Distribution,
and Key Characteristics

The Review Sample

The final sample of 56 publications featured authors affil-
iated with 39 countries, led by the USA (n=12), India, and
Turkey (n=6 each). A worldwide distribution of affiliations
is shown in Figure 2. The most prolific institutions, such as
Hong Kong Polytechnic University and Northwestern Uni-
versity Feinberg School of Medicine, contributed two publi-
cations each, while the vast majority (44 organizations) were
represented by a single publication. Similarly, the author
Hosseini, M. was the most frequent contributor (n=2), with
158 authors appearing only once. The average number of
authors per publication was 2.9. Discover Education was the
leading journal (n=3). Six other journals each published two
articles: Accountability in Research, Computers and Education:
Artificial Intelligence, Forum for Linguistic Studies, Humanities
and Social Sciences Communications, Journal of Korean Medli-
cal Science, and Proceedings of the ACM on Human-Computer
Interaction. The remaining 49 journals contributed one pub-
lication each.

The analysis of the 56 publications included in this review
reveals a significant discrepancy between the formal docu-
ment type assigned by the Scopus database (Figure 3) and
the actual methodological nature of the work (Figure 4).
While Scopus provides a standardized classification, a man-

Figure 2

ual content analysis demonstrates that these labels can be
misleading, necessitating a deeper examination to under-
stand the true composition of the scholarly landscape on
this topic. The core of this issue lies in the fact that Scop-
us's automated or author-submitted classifications do not
always accurately reflect the research design, leading to a
substantial number of reviews being mis-categorised as ar-
ticles.

This misclassification is quantitatively significant. According
to the provided appendices, while only eight publications
are formally grouped as “reviews” (Appendix 1), a further
ten publications listed as “articles” in Appendix 2 are, upon
inspection, explicitly described as reviews of various types.
For instance, Alamri et al. (2025) is marked as an “article” in
Scopus but methodologically is a “Systematic Review com-
bined with a SWOT analysis.” Similarly, Knight (2025) and Liu
et al. (2025) are both identified as “articles” in the database,
yet their research designs are a “Scoping Review” and a
“Systematic Scoping Review,” respectively. Other clear ex-
amples include Alnaimat et al. (2025) (a narrative/ perspec-
tive review), Anglhelescu et al. (2025) (a scoping review), and
Lendvai (2025) (a scientometric review). This indicates that
nearly half of the reviews in the total sample (10 out of 18
total reviews) are incorrectly labelled by the database, which
could skew bibliometric analyses that rely solely on Scopus’s
document type filter.

The implications of these discrepancies are considerable for
researchers relying on database searches. A scholar search-

A Worldwide Breakdown of Affiliations of Authors’ Publications Included in the Review

Note. The legend includes the density of publications per country, with a maximum of 12 (the darkest shade) to a minimum of 1 (the lightest shade).

The map was made up in the Microsoft excel by the authors
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ing specifically for reviews on this topic in Scopus would miss
over half of the relevant synthetic literature. Conversely, a
search filtered for “Article” would be contaminated with nu-
merous reviews, potentially comprising the purity of a sam-
ple intended for analysing primary empirical studies. This
highlights the critical importance of manual, content-based
verification in systematic and scoping reviews, as automated
database classifications are insufficiently reliable. The data
from Appendices 1 and 2 collectively show that the actual
body of literature consists of 1 editorial, 18 reviews (8 formal
and 10mis-categorised), and 37 primary articles or non-re-
view conceptual papers, a breakdown that is fundamentally
different from the initial Scopus-derived count of 47 articles
and 8 reviews (Figures 3 and 4).

Furthermore, despite the initial classificatory discrepancies,
the final, verified sample is remarkably well-balanced, incor-
porating a diverse spectrum of publication types that signif-
icantly strengthens the ensuing synthesis. The inclusion of
a foundational corpus of 18 reviews, comprehensive anal-
yses like the hybrid systematic review by Arar et al. (2025)
and the scoping review by Ghasemi et al. (2025), provides
a robust, high-level overview of the field's themes and de-
bates. This is powerfully complemented by the 37 primary
articles and conceptual papers detailed in Appendix 2, which
offer granular, empirical insights and original perspectives.
This combination creates a synergistic effect: the reviews
map the landscape, while the articles allow for a detailed
examination of the individual studies. This methodological
triangulation ensures that the resulting synthesis is not only
comprehensive but also grounded, capable of capturing
both the established consensus from aggregated reviews
and the cutting-edge, often contested, knowledge emerging
from primary research.

A deeper examination of the 47 publications initially clas-
sified as articles reveals a rich spectre of research designs,
underscoring the multi-faceted approach required to study
in academic writing. The sample includes a strong contin-
gent of empirical studies employing diverse methodologies.
These range from experimental and quasi-experimental
designs (e.g., Akgun et al., 2025; Kumar et al., 2025; Erol et
al., 2025) that test hypotheses and compare Al versus hu-
man output, to observational and cross-sectional studies
(e.g., Alkhawan et al., 2025; Archana et al., 2025; Nassar et
al., 2025) that document prevalence, attitudes, and corre-
lations. Furthermore, qualitative and mixed-methods ap-
proaches are well-represented, providing nuanced insights
into human experiences and processes. Studies like Hu et al.
(2025) and Picardal et al. (2025) use interviews and descrip-
tive analysis to explore identity negotiation and pedagogical
integration, while Comas-Forgas et al. (2025) and Hwang
et al. (2025) combine quantitative and qualitative data for
a more complete picture. This methodological pluralism is
complemented by non-empirical contributions, including
conceptual analyses (Cambraia & Pyrrho, 2025), policy re-
views (Bobier et al., 2025), and philosophical essays (Hytten,

2025), which are crucial for developing the ethical and theo-
retical frameworks guiding the field.

Similarly, the 18 reviews in the sample demonstrate a so-
phisticated application of synthesis methodologies beyond
a monolithic “review” label. The corpus includes systemat-
ically conducted reviews that follow rigorous protocols for
searching and selecting evidence, such as the Systematic Re-
view with a SWOT framework by Alamri et al. (2025) and the
Scoping Reviews by Ghasemi et al. (2025) and Raitskaya &
Tikhonova (2025). These are complemented by bibliometric
analyses (Goyibova et al., 2025; Lendvai, 2025), which quan-
titatively map the intellectual structure and evolution of the
research field. On the more narrative end of the spectrum,
there are perspective and narrative reviews (Mondal et al.,
2025; Ateriya et al., 2025) that provide and synthesise liter-
ature without a formal systematic methodology. Notable,
the sample also features hybrid models, such as the work by
Arar et al. (2025), which combines bibliometric performance
analysis with thematic content analysis.

This diversity in review types is a significant strength, as
it allows for the synthesis of knowledge through different
lenses. They include mapping the field’s metrics, systemati-
cally aggregating findings on specific questions, and provid-
ing critical, expert-led overviews of the complex ethical and
practical landscape.

The review primarily focuses on Generative Al Large Lan-
guage Models (LLMs), with ChatGPT being the most exten-
sively studied tool. Other types include detectors, paraphras-
ers, and specialized research assistants. Al uses for image or
code generation, or their analyses are less researched with-
in the theme. The table below (Table 2) sums up the break-
down of the specific tools studied, mentioned, or otherwise
touched upon in the 56 documents of the review.

Core Themes in the Literature on AI-Powered
Writing and Publishing

Following the coding process, the reviewed literature was
synthesized into ten core thematic clusters, capturing the
central topics of scholarly debate. Table 3 provides a com-
prehensive overview of these clusters and lists the publica-
tions associated with each, illustrating the scope and focus
of current research. The coding of the publications was
based on the themes of the publications (Appendix 5) and
the consolidated key findings of the publications (Appendix
3).

VOSviewer Thematic Clustering of Keywords vs
the Hypothesised Clusters

The keyword co-occurrence analysis (with keyword density =
3) generated five thematically coherent clusters that illumi-
nate how the scholarly community conceptualizes the uses
of generative Al within research writing and academic pub-

JLE | Vol. 11 | No. 4 | 2025
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Figure 3

Types of Publications Included in the Review as Marked in

the Scopus Database

Table 2

Figure 4

Types of Publications Included in the Review by Content
Analysis

Al and AI-Powered Tools Studied in the Publications Included in the Review

Type of Al Tool

Specific Tools Mentioned

References

Generative Al /
Large Language
Models (LLMs)

Al Detection Tools

Al Paraphrasers/
“Humanizers”

Al-Powered Re-
search & Writing
Assistants

AI for Image/
Code Generation &
Analysis

ChatGPT (all versions, especially
3.5, 4), Google Gemini/Bard,
Anthropic’s Claude,

Microsoft Copilot/Bing Al Meta
Al (Llama), ERNIE Bot, Perplexity
Al, DeepSeek

ZeroGPT, GPTZero, Copyleaks,
Originality.Al, Corrector App,
iThenticate (Turnitin), Scribbr Al
Detector

QuillBot, Stealth Writer, Gram-
marly (partly)

Grammarly, Quillbot, Scispace,
ChatPDF, Jenni Al Typeset, Scite,
Mendeley, EndNote, Zotero,
Open Al's Deep Research,
Scopus Al, CAQDAS (MAXQDA,
NVivo), Google NotebookLM

Midjourney, DALL-E, Sora,
Leonardo Al GitHub Copilot,
OpenAl Codex, Proofig, ImageR-
ights, TinEye

Akgun et al., 2025; Al Hosni, 2025; Alamri et al., 2025; Alghazo et al., 2025;
Alnaimat et al., 2025; Anghelescu et al., 2025; Arar et al., 2025; Archana et
al., 2025; Ateriya et al., 2025; Bobier et al., 2025; Cambraia & Pyrrho, 2025;
Cohen & Moher, 2025; Comas-Forgas et al., 2025; Daoudi, 2025; Ebadi et

al., 2025; Erel et al., 2025; Erol et al., 2025; Fakharifar et al., 2025; Fung & Ng,
2025; Ghasemi et al., 2025; Goyibova et al., 2025; Hosseini et al., 2025; Hu et
al., 2025; Huang et al., 2025; Hwang et al., 2025; Hytten, 2025; Kumar et al.,
2025; Lendvai, 2025; Lim G.H. et al., 2025; Liu et al., 2025; Miller et al., 2025;
Mo & Crosthweite, 2025; Mohan et al., 2025; Mondal et al., 2025; Moor-
house et al., 2025; Nassar et al., 2025; Oztiirk et al., 2025; Parlak et al., 2025;
Picardal et al., 2025; Prakash et al., 2025; Premat et al., 2025; Pretorius et al.,
2025; Radtke & Rummel, 2025; Rafi & Amjad, 2025; Ragel, 2025; Raitskaya
& Tikhonova, 2025; Resnik & Hosseini, 2025; Reza et al., 2025; Sparkman &
Witt, 2025; Suchikova et al., 2025; Veiga et al., 2025; Yaqin et al., 2025; Yin &
Chapelle, 2025; Yoo, 2025

Alnaimat et al., 2025; Erel et al., 2025; Erol et al., 2025; Miller et al., 2025;
Mondal et al., 2025; Nassar et al., 2025; Yoo, 2025

Alamri et al., 2025; Goyibova et al., 2025; Mondal et al., 2025; Picardal et al.,
2025; Pretorius et al., 2025

Alamri et al., 2025; Archana et al., 2025; Alnaimat et al., 2025; Goyibova et al.,
2025; Moorhouse et al., 2025; Picardal et al., 2025; Ragel, 2025; Reza et al.,
2025; Veiga et al., 2025

Alnaimat et al., 2025; Fung & Ng, 2025; Pretorius et al., 2025; Yin & Chapelle,
2025
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Table 3

Distribution of Publications among Hypothesised Thematic Clusters

Nos Thematic Clusters Included Publications
1. Journal Policies and Editorial Guidelines on Alkhawam et al., 2025; Alnaimat et al., 2025; Bobier et al., 2025; Cohen &
Al Use Moher, 2025; Fakharifar et al., 2025; Hosseini et al., 2025; Huang et al., 2025;
Knight, 2025; Lim G.H. et al., 2025; Mohan et al., 2025; Moorhouse et al., 2025;
Resnik & Hosseini, 2025; Veiga et al., 2025; Yin & Chapelle, 2025; Yoo, 2025
2. Ethical Issues, Authorship, and Al Use Akgun et al., 2025; Al Hosni, 2025; Arar et al., 2025; Ateriya et al., 2025; Cam-
Disclosure braia & Pyrrho, 2025; Daoudi, 2025; Erel et al., 2025; Goyibova et al., 2025;
Hytten, 2025; Liu et al., 2025; Miller et al., 2025; Mondal et al., 2025; Nassar et
al., 2025; Oztlrk et al., 2025; Parlak et al., 2025; Premat et al., 2025; Resnik &
Hosseini, 2025; Suchikova et al., 2025; Veiga et al., 2025; Yoo, 2025
3. Quality, Detection, and Reliability of Akgun et al., 2025; Anghelescu et al., 2025; Erel et al., 2025; Erol et al., 2025;
Al-Generated Content Hwang et al., 2025; Miller et al., 2025; Mo & Crosthweite, 2025; Mondal et al.,
2025; Nassar et al., 2025; Oztlrk et al., 2025; Parlak et al., 2025; Pretorius et al.,
2025; Yaqin et al., 2025
4. Impact of Al on Academic Writing and Al Hosni, 2025; Alamri et al., 2025; Alghazo et al., 2025; Archana et al., 2025;
Learner/Researcher Skills Comas-Forgas et al., 2025; Goyibova et al., 2025; Hu et al., 2025; Hwang et al.,
2025; Kumar et al., 2025; Liu et al., 2025; Mo & Crosthweite, 2025; Picardal et
al., 2025; Prakash et al., 2025; Radtke & Rummel, 2025; Rafi & Amjad, 2025;
Raitskaya & Tikhonova, 2025; Reza et al., 2025; Sparkman & Witt, 2025; Yaqin
etal., 2025
5. AlI Applications and Potentials in Specific Akgun et al., 2025; Anghelescu et al., 2025; Cohen & Moher, 2025; Ebadi et al.,
Disciplines and Research Types 2025; Fakharifar et al., 2025; Fung & Ng, 2025; Ghasemi et al., 2025; Kumar et
al., 2025; Lim H.G. et al., 2025; Miller et al., 2025; Mohan et al., 2025; Nassar et
al., 2025; Parlak et al., 2025; Prakash et al., 2025; Ragel, 2025; Sparkman & Witt,
2025
6. Educational Aspects, Integration, and Al Al Hosni, 2025; Archana et al., 2025; Hu et al., 2025; Knight, 2025; Kumar et
Literacy Development al., 2025; Moorhouse et al., 2025; Picardal et al., 2025; Premat et al., 2025;
Pretorius et al., 2025; Radtke & Rummel, 2025; Rafi & Amjad, 2025; Raitskaya &
Tikhonova, 2025; Reza et al., 2025; Yin & Chapelle, 2025
7. Peer Review and Editorial Processes Alnaimat et al., 2025; Ebadi et al., 2025; Hosseini et al., 2025; Lim G.H. et al.,
Involving AL 2025; Mohan et al., 2025; Oztirk et al., 2025
8. Bibliometric and Scientometric Analysis of AI  Arar et al., 2025; Goyibova et al., 2025; Lendvai, 2025
Publications
9. Human-Al Collaboration, Authorial Voice, Al Hosni, 2025; Hu et al., 2025; Hwang et al., 2025; Hytten, 2025; Mondal et al.,
and Agency 2025; Pretorius et al., 2025; Radtke & Rummel, 2025; Rafi & Amjad, 2025; Reza
et al., 2025; Suchikova et al., 2025
10. Social, Cultural, and Philosophical Aspects of Al Hosni, 2025; Cambraia & Pyrrho, 2025; Hu et al., 2025; Hytten, 2025; Prakash

Al Integration in Academia

et al., 2025; Premat et al., 2025; Pretorius et al., 2025; Raitskaya & Tikhonova,
2025

lishing. These clusters do not merely enumerate lexical pat-
terns; rather, they reflect underlying epistemic orientations,
normative tensions, and evolving methodological practices
that define the current state of the field. Below, each clus-
ter is interpreted with attention to its conceptual scope and
contribution to the broader discourse (Figure 5).

Cluster 1. Foundational Scholarly Communication and
Traditional Research Norms. Cluster 1 (keywords: article,
bibliometrics, cross-sectional study, human, medical liter-
ature, medical research, plagiarism, practice guideline, re-
view, scientific literature) delineates the baseline conceptual
landscape into which debates on generative Al are intro-
duced. The terminology foregrounds core genres of schol-

arly communication (article, review, scientific literature) and
standard methodological descriptors (cross-sectional study,
medical research), revealing that much of the early discourse
is anchored in biomedical and clinical research contexts. The
recurrent presence of plagiarism indicates that Al-generat-
ed texts initially entered academic discussions through the
lens of misconduct and quality assurance. The co-presence
of bibliometrics and practice guideline suggests that con-
cerns extend beyond writing quality to include the down-
stream effects on citation patterns, evidence synthesis, and
clinical protocol adherence. In this sense, Cluster 1 functions
as a conceptual substrate that frames generative Al not as a
disruptive entity but as an element interfacing with deeply
institutionalized norms of scientific communication.
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Figure 5
VOSviewer Thematic Clustering of Keywords

Cluster 2. Authorship, Editorial Governance, and
Normative Regulation. Cluster 2 (keywords: authorship,
comparative study, editorial policies, humans, periodicals
as topic, publication, publishing, research ethics, writing)
encapsulates the ethical-administrative response to the dif-
fusion of generative Al across academic writing practices.
The prominence of authorship and editorial policies reflects
the rapid reorientation of journals and publishers toward
explicit governance mechanisms clarifying acceptable and
unacceptable uses of generative models. Terms such as re-
search ethics and humans highlight a fundamental tension
between machine-generated content and expectations of
human intellectual accountability. The presence of compar-
ative study points to a growing body of work systematical-
ly evaluating policy variation across publishers, disciplines,
and national contexts. Rather than treating AI merely as a
technical tool, Cluster 2 reveals the field’s shift toward in-
terrogating responsibility, disclosure, and the redefinition of
scholarly credit, making this cluster central for understand-
ing institutional adaptation.

Cluster 3. Generative Technologies, Writing Support, and
Epistemic Integrity. Cluster 3 (keywords: Al-assisted writ-
ing, artificial intelligence, generative Al, generative artificial
intelligence, large language model, large language models,
research integrity, systematic review) forms the technolog-
ical and epistemic core of the literature. It comprises direct
references to generative systems (LLMs, Al-assisted writing)
linked with research integrity, underscoring that technolog-
ical capability is consistently evaluated through the prism of
epistemic reliability. The co-location of systematic review in-
dicates that the field is rapidly maturing and has begun gen-
erating higher-order evidence synthesis on Al's roles, risks,
and benefits. This cluster thereby captures the dual framing
of generative Al: as an enabler of scholarly productivity and
as a potential disruptor of methodological rigor. Its themat-
ic cohesion demonstrates that questions of validity, accu-
racy, hallucination, and verifiability dominate the scholarly
agenda at the intersection of Al and knowledge production.
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Cluster 4. Academic Integrity, Detection Strategies, and
Evaluative Methodologies. Cluster 4 (keywords: academ-
ic integrity, academic writing, artificial intelligence, ChatGPT,
controlled study, plagiarism detection) represents the empir-
ical-evaluative segment of the discourse, where generative
Al is operationalized as an object of controlled experimenta-
tion. Research in this cluster frequently assesses the detecta-
bility, stylistic signatures, and fidelity of ChatGPT-generated
texts. The co-occurrence of controlled study and plagiarism
detection suggests a methodological emphasis on valida-
tion trials (testing existing detection tools, developing new
classifiers, and comparing Al-produced content with human
writing). Academic integrity functions here as a conceptual
anchor, indicating that these empirical investigations are
framed not in isolation but within broader pedagogical and
institutional concerns. Cluster 4 thus reflects a phase in the
field’s evolution dominated by questions of risk mitigation,
verification, and the operational boundaries of authenticity.

Cluster 5. Transparency, Disclosure, and Editorial De-
cision-Making Ecosystems. Cluster 5 (keywords: academ-
ic publishing, disclosure, ethics, large language model, peer
review) occupies the policy-oriented and meta-scientif-
ic frontier of the literature. Here, generative Al is situated
within the broader ecosystem of academic publishing, par-
ticularly regarding expectations of transparency (disclosure)
and ethical practice. The association of peer review with large
language model highlights new lines of inquiry into Al-assist-
ed reviewing, editorial triage, and decision support systems.
This cluster signals a shift from reactive policy formulation
to more proactive considerations of how Al can be respon-
sibly integrated into editorial workflows. Its focus on ethics
and governance positions Cluster 5 as the domain through
which the academic community negotiates the long-term
institutional settlement of generative Al in scientific com-
munication.

A Multilayered Structure of the Scholarly
Discourse

Across clusters, a coherent trajectory becomes apparent.
The field begins with traditional concerns about research
norms and misconduct (Cluster 1), transitions to formal
governance and ethical deliberation (Cluster 2), and consol-
idates a technologically grounded understanding of LLM ca-
pabilities and risks (Cluster 3). It then extends into empirical
validation studies addressing integrity challenges (Cluster 4)
and culminates in systemic reflections on the future of edi-
torial practice (Cluster 5). Collectively, the clusters illustrate
a multi-tiered ecosystem in which generative Al is simulta-
neously a writing aid, a methodological challenge, an ethical
concern, and a catalyst for reconfiguring scholarly publish-
ing infrastructures.

The comparison of the hypothesised and VOSviewer clusters
(Table 4) reveals a strong overall alignment between the hy-
pothesised thematic structure and the objective map of the

discourse generated by VOSviewer, while also highlighting
key refinements in how the field is conceptually organised.

Substantial Confirmation and Thematic Consolidation

Several of the hypothesised clusters found a direct and clear
reflection in the VOSviewer results. This is particularly true
for themes related to governance and policy (1, 2), the tech-
nological core and integrity (3, 9), and editorial processes
(7). vVOSviewer confirms that these are the central, well-de-
fined pillars of the emerging field, around which scholarly
activity is most concentrated.

Thematic Merging and Re-Grouping

The most significant structural difference is that VOSview-
er produced a smaller number of larger, more consolidated
clusters (5 vs. 10). This indicates that within the actual dis-
course some of the themes are intrinsically intertwined. For
instance, the hypothesised clusters on policies (1), ethics (2),
and peer review (7) were algorithmically merged into two
broader, overlapping VOSviewer clusters (Clusters 2 and 5)
that focus on the overarching systems of nominative regula-
tion and the publishing ecosystem.

Shift in Emphasis from Pedagogy to Control

A crucial insight is that educational aspects (6) and social
and philosophical dimensions (10), which were hypothe-
sised as distinct areas based on the keywords and themes
of the publications, di not form their own clusters in the
VOSviewer analysis. Instead, they were embedded within
clusters concerned with academic integrity and detection (4)
and epistemic integrity (3). This suggests that at the current
stage, the academic community’s focus is more sharply on
the challenges and risks Al poses to established systems of
quality control, knowledge validity, and scholarly integrity,
rather than on proactive educational models or broad cul-
tural critique.

The Objective Discourse Map

While the hypothesis correctly identified the full spectrum
of relevant topics, the VOSviewer analysis reveals their ob-
jective hierarchy and interconnections. The algorithm shows
that the discourse is structured around a few core problem
complexes, including (1) institutional response (policies, eth-
ics); (2) technological engagement (LLMs, writing support);
and (3) risk mitigation (detection, integrity). Our hypotheses
1-3, 7, and 9 accurately target these core areas.

Thus, the comparison demonstrates the high validity of
our initial thematic framework. The objective data from
VOSviewer provides refinement of the key areas defined in
the hypotheses, their relative weight and internal relation-
ships, showing that the current discourse is more heavily
focused on the issues of governance, control, and techno-
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Table 4

Aligning Hypothesised and VOSviewer Clusters

Hypothesised Thematic
Clusters

Corresponding VOSviewer
Clusters

Rationale for
Alignment

1. Journal Policies and Editori-
al Guidelines on Al Use

2. Ethical Issues, Authorship,
and Al Use Disclosure

3. Quality, Detection, and
Reliability of AI-Generated
Content

4. Impact of Al on Academic
Writing and Learner/Re-
searcher Skills

5. Al Applications and Poten-
tials in Specific Disciplines
and Research Types

6. Educational Aspects,
Integration, and Al Literacy
Development

7. Peer Review and Editorial
Processes Involving Al

8. Bibliometric and Sciento-
metric Analysis of Al Publi-
cations

9. Human-AI Collaboration,
Authorial Voice, and Agency

10. Social, Cultural, and
Philosophical Aspects of Al
Integration in Academia

Cluster 2
Authorship, Editorial Governance, and
Normative Regulation

Cluster 5
Transparency, Disclosure, and Editorial
Decision-Making Ecosystems

Cluster 2
Authorship, Editorial Governance, and
Normative Regulation

Cluster 5
Transparency, Disclosure, and Editorial
Decision-Making Ecosystems

Cluster 4
Academic Integrity, Detection Strategies,
and Evaluative Methodologies

Cluster 1

Foundational Scholarly Communication and
Traditional Research Norms

Cluster 4

Academic Integrity, Detection Strategies,
and Evaluative Methodologies

Cluster 1
Foundational Scholarly Communication and
Traditional Research Norms

Cluster 4
Academic Integrity, Detection Strategies,
and Evaluative Methodologies

Cluster 5
Transparency, Disclosure, and Editorial
Decision-Making Ecosystems

Cluster 1
Foundational Scholarly Communication and
Traditional Research Norms

Cluster 3
Generative Technologies, Writing Support,
and Epistemic Integrity

Cluster 3
Generative Technologies, Writing Support,
and Epistemic Integrity

Cluster 5
Transparency, Disclosure, and Editorial
Decision-Making Ecosystems

Direct Match

The focus on developing policies, authorship rules, and
disclosure requirements from your hypothesis is cen-
tral to the VOSviewer clusters dealing with normative
regulation and editorial practice

Direct & Complete Match

Ethical concerns, authorship debates, and disclosure
discussions are the core themes uniting these two
VOSviewer clusters

Direct Match

The issues of quality, detection, and reliability are
directly reflected in the empirical studies on detection
tools and content evaluation that define VOSviewer’s
Cluster 4

Partial Match

The impact on skills is discussed within the context

of traditional research norms (Cluster 1) and, more
specifically, through the lens of academic integrity and
assessment (Cluster 4)

Partial Match

Many discipline-specific studies (e.g., in medicine) from
your hypothesis fall into the VOSviewer cluster that de-
scribes the established research fields being disrupted
by Al

Indirect Match

In the VOSviewer data, the educational theme did not
form a distinct cluster but was subsumed under the
broader context of academic integrity, suggesting it is
currently perceived through a lens of risk and control

Direct Match

The theme of peer review is explicitly identified as a key
component of Cluster 5, which focuses on the publish-
ing ecosystem

Direct Match

The term «bibliometrics» is explicitly present in Cluster
1, which encompasses meta-research on scientific com-
munication itself

Direct Match

The concepts of collaboration, writing support, and
human agency are central to Cluster 3, which focuses
on the technology’s role in knowledge production

Indirect Match

These broad questions did not form a separate cluster
in VOSviewer but are diffused into discussions about
knowledge integrity (Cluster 3) and the ethics of pub-
lishing systems (Cluster 5)
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logical integration, while educational and broader cultural
aspects are currently peripheral. These aspects are essen-
tially seen through the lens of the more focused issues.

Prevailing AI Uses, Ethical Discourse, and
Emerging Normative Frameworks

The analysis of the sampled literature reveals a complex
ethical landscape structured around seven interconnected
themes, with a clear scholarly consensus forming around
several core principles for responsible Al use in academia.
The use of Al for substantive intellectual tasks (e.g., hypoth-
esis generation, manuscript drafting, and data analysis) has
provoked fundamental questions about authorship and ac-
countability (Resnik & Hosseini, 2025; Yoo, 2025). Converse-
ly, the development of Al for language enhancement and
editorial support has generated complex debates around
transparency and potential bias in scholarly evaluation, par-
ticularly concerning non-native English speakers (Hosseini
et al., 2025; Yin & Chapelle, 2025). Furthermore, applications
involving data processing and peer review assistance have
raised critical issues regarding privacy, confidentiality, and
the preservation of human judgement in core scholarly pro-
cesses (Ebadi et al., 2025; Ateriya et al., 2025; Lim G.H. et
al., 2025). This direct relationship between application pat-
terns and ethical challenges underscores that the normative
frameworks emerging in response, such as tiered disclosure
model and usage taxonomies, are precisely targeted at gov-
erning specific use cases rather than Al implementation in
abstract terms (Suchikova et al., 2025; Veiga, 2025).

The most fundamental theme concerns the reconceptu-
alization of authorship, attribution, and accountability. A
strong, cross-disciplinary consensus holds that Al tools can-
not qualify as authors, a policy universally upheld by major
editorial bodies like the International Committee of Medical
Journal Editors (ICMJE, 2023), the Committee on Publications
Ethics (COPE, 2023), and the World Association of Medical
Editors (WAME) and is enforced by nearly all academic jour-
nals (Yoo, 2025; Bombier et al., 2025; Huang et al., 2025; Yin
& Chapelle, 2025). The rationale, as explored by Veiga (2025)
and Suchikova et al. (2025), is that Al lacks the legal identity
and capacity for accountability required for authorship. This
leads to a core principle articulated by Resnik & Hosseini
(2025) and Fakharifar et al. (2025): human authors must re-
tain full and ultimate responsibility for the entire content of
a manuscript. This necessitates rigorous human oversight,
wherein authors must control, fast-check, and meticulously
edit all Al-generated content to ensure its accuracy, integri-
ty, and freedom from plagiarism or factual “hallucinations”
(Anghelescu et al., 2025; Akgun et al., 2025).

This principle of accountability is tightly linked to the chal-
lenge of transparency and disclosure. The literature reveals
significant debate and policy fragmentation regarding im-
plementation. Hosseini et al. (2025) highlight a key tension
between the need for openness and the risk of introducing

bias against non-native English speakers who use Al for
language policing, a finding corroborated by the analysis
of applied linguistics journals by Yin & Chapelle (2025), who
note that less than half provide specific GenAl guidelines. In
response, refined frameworks are being proposed. Resnik
& Hosseini (2025) advocate for a tiered model where disclo-
sure is mandatory only for “substantial” use, such as when
Al generates hypotheses, writes manuscript sections, or
analyses data. For supportive tasks, disclosure is optional,
and for routine tasks, it is unnecessary This structured ap-
proach is echoed in the GAIDeT taxonomy by Suchikova et
al. (2025) and is reflected in the flexible policies of journals
like the Journal of Korean Medical Science (Yoo, 2025).

The ease of text generation has profound implications for
academic integrity and plagiarism, giving rise to what Al
Hosni (2025) and Goyibova et al. (2025) term “algiarism”,
implying the presentation of Al-generated text as one’s
own. This challenge is compounded by the documented un-
reliability of Al-detection tools, whish Enrol et al. (2025) and
Mondal et al. (2025) show can produce false positives and
easily circumvented. To uphold integrity, the community is
establishing clear boundaries, with Yin & Chapelle (2025)
and Veiga (2025) reporting that an overwhelming majority
of journals prohibit citing Al-generated content as an au-
thoritative source.

A further, deeply held concern is the potential erosion of
scholarly rigour and critical thinking. Raitskaya & Tikhonova
(2025) and Alamri et al. (2025) warn that over-reliance on Al
could delegate essential academic skills, including deep an-
alytical reasoning. Furthermore, Al Hosni (2025) and Hytten
(2025) argue that Al-generated texts often lack a distinctive
“authorial voice”, leading to a homogenisation of academ-
ic prose. The ethical imperative, therefore, is to ensure Al
serves as an aid to, not a replacement for intellectual labour
(Hytten, 2025).

On a systematic level, the issues of algorithmic bias and in-
equity present significant challenges. Ateriya wt al. (2025)
and Cohen & Moher (2025) demonstrate that Al tools can
perpetuate biases embedded in their training data. Further-
more, Cambraia & Pyrrho (2025) frame the unequal access
to advanced Al tools as “technological colonialism”, a dy-
namic that Prakash et al. (2025) and Pretorius et al. (2025)
argue risks consolidating knowledge production and mar-
ginalizing scholars from under-resourced institutions. The
corresponding imperatives are to audit Al outputs for bias
and promote equitable access to diverse tools (Prakash et
al., 2025).

The use of Al also introduces serious data privacy and con-
fidentiality risks. Ateriya et al. (2025) and Ebadi et al. (2025)
identify the input of sensitive data into cloud-based Al plat-
forms as a major threat. This has led to clear prohibitions,
particularly against using public Al tools to handle confiden-
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tial peer-review documents, as stated by journals like JAMA
and emphasised by Ebadi et al. (2025).

Finally, the integrity of the peer review process itself is under
ethical scrutiny. While Al could increase efficiency, Ebadi et
al. (2025) and Lim G.H. et al. (2025) warn of confidentiality
breaches and the loss of nuanced human judgement. The
prevailing consensus, as seen in the policies analysed by Yoo
(2025) and Bombier et al. (2025), is that human oversight
remains irreplaceable, and the use of Al for analysing confi-
dential manuscripts is strictly prohibited.

In synthesis, the discourse has moved from identifying
problems to proposing structured solutions. The current
landscape is characterised by evolving norms that strive
to balance the promise of Al, as noted by researchers like
Fakharifar et al. (2025) and Mohammadi et al. (2025), with
the unwavering preservation of academic integrity, account-
ability, and equity as foundational values.

The discourse tends to discuss practical solutions related to
more systematised and framework-based guidelines on Al
uses in academic writing and publishing. The review publi-
cations entail two taxonomies. GAIDeT (Generative Al Dele-
gation Taxonomy) (Suchikova et al., 2025) is a classification
system that provides a structured framework for research-
ers to delegate specific tasks to Generative Al (like ChatGPT)
throughout the research and publishing process. It clearly
defines which tasks can be assigned to Al (e.g., literature
search, code generation, editing) at both broad (macro) and
detailed (micro) levels, while ensuring that human research-
ers retain full accountability and oversight for the final work.
Its goal is to standardize and bring transparency to Al use
in academia, without granting Al authorship. The article by
Resnik & Hosseini (2025) moves beyond the whether of Al
disclosure to tackle the more practical question of when it
is ethically required. In response to conflicting policies from
publishers, the authors develop a clear, principled frame-
work arguing that disclosure should be mandatory only
when the use of Al is both intentional and substantial. The
primary goal is to make disclosure practices useful for cred-
it, accountability, and reproducibility, while avoiding the
burden of trivial disclosures.

We thoroughly analysed the frameworks by Suchikova et al.
(2025) and by Resnik & Hosseini (2025) to merge the main
points into a toolkit for Al use in scholarly writing and pub-
lishing (Appendix 6). By using this structured toolkit, the ac-
ademic community can navigate the complexities of Al-as-
sisted scholarship, harnessing its power for innovation while
steadfastly upholding the core values of accountability, in-
tegrity, and intellectual rigor. This toolkit is our response to
the needs of all stakeholders in the academia related to sci-
entific publishing (researchers, editors, reviewers, journals,
publishers, faculty and educators).

Future Research Agendas

Based on the synthesis of the 56 publications included in
the review, the following consolidated research agenda has
been identified based on the extracted research agendas
(Appendix 3), addressing the most pressing future direc-
tions for the study of GenAl in academic writing and pub-
lishing:

(1) Development and validation of ethical guidelines and
frameworks. There is a strong consensus on the need to de-
velop, refine, and validate comprehensive ethical guidelines
for GenAI use in scholarly writing. Future research should fo-
cus on creating internationally recognised, interdisciplinary
ethical standards that address transparency, accountability,
and human oversight (Arar et al., 2025; Knight, 2025; Resnik
& Hosseini, 2025). This includes context-specific applications
(e.g., in education, healthcare, and non-English academic
contexts) and evaluating their practical implementation and
adherence (Premat et al., 2025; Rafi & Amjad, 2025).

(2) Enhancing detection and integrity tools. The limitations
of current Al-detection tools (reliability issues, bias, and sus-
ceptibility to evasion) highlight the need for more robust
and transparent detection mechanisms. Future work should
aim to improve the accuracy of Al-text identification, reduce
false positive or negative issues, and develop tools capable
of identifying Al-generated images, references, and data
(Erol et al., 2025; Alnaimat et al., 2025; Yoo, 2025). Research
is also needed to assess the impact of Al-humanisers and
paraphrasing tools on academic integrity (Mondal et al.,
2025).

(3) Longitudinal and impact studies. A significant gap exists
in understanding the long-term effects of GenAlI on critical
thinking, writing skills, authorial voice, and scholarly devel-
opment. Longitudinal studies are recommended to track
how AI tools influence learning outcomes, cognitive off-
loading, and the development of research identity over time
(Kumar et al., 2025; Hu et al., 2025; Raitskaya & Tikhonova,
2025). This also includes examining the impact of Al on re-
search equity, especially for non-native English speakers and
underrepresented groups (Pretorius et al., 2025; Prakash et
al., 2025).

(4) Human-AI collaboration and user-centred design. Re-
search should explore how to design Al tools that preserve
human agency, support authentic writing processes, and
adapt to diverse user needs and disciplines (Reza et al., 2025;
Hwang et al., 2025). This includes investigating the cognitive
processes involved in Al-assisted writing, the role of prompt
engineering, and the effects of different interaction models
(e.g., co-writing, guided editing) on ownership and output
quality (Picardal et al., 2025; Reza et al., 2025).

(5) Policy development and standardisation. As journal and
publisher policies on Al use continue to evolve, research is
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needed to analyse their consistency, effectiveness, and glob-
al adoption (Bobier et al., 2025; Veiga et al., 2025; Yoo, 2025).
Future studies should also investigate the role of editorial
oversight, peer review adaptation, and the development of
standardised disclosure mechanisms such as machine-read-
able checkboxes or tiered accountability frameworks (Hos-
seini et al., 2025; Suchikova et al., 2025).

(6) Bias, fairness, and decolonial perspectives. Further in-
vestigation is required into how GenAl may perpetuate or
amplify biases from training data, particularly regarding
language, culture, and regional representation (Cambraia
& Pyrrho, 2025; Cohen & Moher, 2025). A decolonial lens
should be applied to examine in global knowledge produc-
tion (Pretorius et al., 2025).

(7). GenAl in specialised and high-stakes domains. Research
should validate the performance of GenAl and retrieval-aug-
mented generation (RAG) systems in specialised fields such
as medicine, law, and engineering (Anghelescu et al., 2025;
Ghasemi et al., 2025). This includes assessing their reliability
in generating accurate references, clinical guidelines, and
ethical review materials, and establishing domain specific
best practices for their use.

(8) Educational integration and Al literacy. There is a need to
develop and evaluate Al literacy programmes for students,
researchers, and educators. Future studies should explore
effective pedagogical strategies for integrating GenAl into
curricula while fostering critical engagement and mitigating
over-reliance (Moorhouse et al., 2025; Picardal et al., 2025).

The agenda underscores the need for interdisciplinary, em-
pirically grounded, and ethically informed research to en-
sure that GenAl serves as a responsible and enhancing force
in academic communication.

DISCUSSION

The discourse on Al in scholarly writing has evolved signif-
icantly from its initial reactive stance, which was predomi-
nantly cantered on the contentious issue of Al authorship
following high-profile incidents involving tools like ChatGPT
(Ahn, 2024; Qasem, 2023; Hufton, 2023; Lendvai, 2025). This
early period of uncertainty has matured into a proactive and
nuanced framework focused on responsible integration and
transparency (Veiga, 2025; Yin & Chapelle, 2025), built on
key pillars including transparency and disclosure, human
accountability, tiered and contextual use, and collaborative
Human-Al workflow (Alamri et al., 2025; Alkhawam et al.,
2025; Alnaimat et al., 2025; Arar et al., 2025; Ateriya et al.,
2025; Bobier et al., 2025; Daoudi, 2025; Hosseini et al., 2025;
Huang et al., 2025; Hytten, 2025; Mohammadi et al., 2025;
Ragel, 2025; Resnik & Hosseini, 2025; Suchikova et al., 2025;
Veiga, 2025).

A critical methodological finding of this review concerns
the reliability of automated bibliometric classifications in
emerging, interdisciplinary fields. Our analysis revealed a
significant discrepancy between the formal document types
assigned by the Scopus database and the actual methodo-
logical nature of the publications, with nearly half (10 out
of 18) of the review articles in our sample misclassified as
primary research articles (e.g., Alamri et al., 2025; Knight,
2025; Lendvai, 2025). This carries substantial implications, as
reliance on automated database filters could lead research-
ers to overlook a large portion of the available synthetic
literature or contaminate a sample intended for primary
empirical analysis, underscoring the necessity of manual,
content-based verification.

The final, verified sample proved to be a key strength of this
review, representing a well-balanced and methodologically
diverse body of literature. The inclusion of a foundational
corpus of 18 reviews (including comprehensive analyses like
the hybrid systematic review by Arar et al. (2025) and the
scoping review by Ghasemi et al. (2025)) provided a robust,
high-level overview. This was powerfully complemented by
the 37 primary articles and conceptual papers, which offered
granular, empirical insights from experimental studies (Ak-
gun et al.,, 2025; Erol et al., 2025), qualitative investigations
(Hu et al., 2025), and critical conceptual analyses (Cambraia
& Pyrrho, 2025; Hytten, 2025). This methodological triangu-
lation ensured a comprehensive and grounded synthesis.

The thematic analysis reveals a scholarly discourse that is
both complex and structurally coherent, organized around
three dominant problem complexes: governance and policy,
technological capabilities and risks, and systemic integrity.
The strong alignment between our initial ten-theme frame-
work and the five clusters generated by VOSviewer keyword
analysis validates the core architecture of the field, confirm-
ing that governance issues like authorship and editorial pol-
icies (Yoo, 2025; Resnik & Hosseini, 2025) and technological
concerns about research integrity (Akgun et al., 2025; Erol
et al., 2025) form the central pillars. The algorithmic consoli-
dation of themes further demonstrates that issues of policy,
ethics, and peer review (Hosseini et al., 2025; Ebadi et al.,
2025) are intrinsically intertwined in practice, reflecting a ho-
listic institutional response.

A critical insight from the VOSviewer analysis is the field's
current emphasis on control and risk mitigation over pro-
active educational development. The fact that educational
integration (Moorhouse et al., 2025; Picardal et al., 2025) and
broader socio-philosophical aspects (Cambraia & Pyrrho,
2025; Hytten, 2025) did not emerge as distinct clusters but
were subsumed within themes of academic integrity and
epistemic reliability, indicates a reactive phase. This suggests
the community is primarily preoccupied with safeguarding
existing systems of quality control and knowledge validation
against Al-related disruptions, particularly through detec-
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tion methodologies and integrity preservation (Erol et al.,
2025; Mondal et al., 2025).

The analysis demonstrates a direct causal relationship be-
tween specific Al applications and the ethical concerns they
generate. The use of Al for substantive intellectual tasks di-
rectly challenges traditional conceptions of authorship and
accountability (Resnik & Hosseini, 2025; Yoo, 2025), while its
application in language polishing raises distinct concerns
about transparency and potential bias in scholarly evalua-
tion, particularly for non-native English speakers (Hosseini
et al., 2025; Yin & Chapelle, 2025). This application-driven
nature has prompted the development of precisely targeted
normative frameworks, such as the tiered disclosure model
(Resnik & Hosseini, 2025) and the GAIDeT taxonomy (Such-
ikova et al., 2025).

A strong cross-disciplinary consensus has crystallized
around several foundational principles, most notably that
Al systems cannot qualify as authors and that human re-
searchers must retain ultimate accountability for schol-
arly work (Yoo, 2025; Veiga, 2025). This consensus reflects
a collective commitment to preserving human oversight,
necessitating rigorous verification of Al outputs to prevent
plagiarism and factual “hallucinations” (Anghelescu et al.,
2025; Akgun et al., 2025). However, significant tensions re-
main in implementation, particularly regarding the balance
between transparency and equity in disclosure practices.
Furthermore, concerns about “algiarism” (Al Hosni, 2025),
erosion of critical thinking (Raitskaya & Tikhonova, 2025), al-
gorithmic bias (Cohen & Moher, 2025), and “technological
colonialism” in access to Al tools (Cambraia & Pyrrho, 2025)
highlight that the ethical challenges extend beyond immedi-
ate authorship questions to broader systemic threats.

The consolidated research agenda reveals a critical junc-
ture in the field, marking a necessary transition from reac-
tive problem-identification to proactive, solution-oriented
inquiry (Knight, 2025; Resnik & Hosseini, 2025). The strong
emphasis on developing and validating ethical frameworks
and policies underscores a collective recognition that ad-hoc
guidelines are insufficient. Similarly, the urgent call for more
robust detection tools to address their documented unreli-
ability (Erol et al., 2025; Mondal et al., 2025) and for longi-
tudinal impact studies (Kumar et al., 2025; Hu et al., 2025)
highlights a pressing need to gather empirical evidence on
Al's tangible effects on scholarly rigor, skill development,
and equity (Pretorius et al., 2025).

The agenda further highlights several underdeveloped fron-
tiers requiring immediate scholarly attention. The focus on
human-Al collaboration and user-centred design points to
a significant gap in understanding the cognitive and experi-
ential dimensions of working with Al, necessitating research
that preserves human agency within collaborative work-
flows (Hwang et al., 2025; Picardal et al., 2025). Furthermore,
the explicit calls for investigating algorithmic bias through

decolonial lenses (Cambraia & Pyrrho, 2025; Cohen & Mo-
her, 2025) and for validating Al in high-stakes domains like
medicine and law (Anghelescu et al., 2025; Ghasemi et al.,
2025) reveal an awareness that current systems are not con-
text-agnostic. The inclusion of Al literacy and educational in-
tegration as a priority (Moorhouse et al., 2025; Picardal et al.,
2025), while currently peripheral in the broader discourse, is
crucial for ensuring that the next generation of scholars is
prepared to use these tools both critically and ethically.

Limitations

While Scopus provides extensive coverage of peer-reviewed
journals and conference proceedings, several inherent limi-
tations of the database were acknowledged. A primary con-
straint is its limited inclusion of grey literature, which results
in the potential omission of crucial document types such as
publisher and institutional policies, preprints from servers
like arXiv and SSRN, and formal reports from key organi-
zations like COPE and UNESCO, where early and influential
discussions often occur. Furthermore, Scopus is known to
have coverage gaps in certain regional publications and
specific humanities and social science disciplines compared
to other databases, which may introduce a geographic or
disciplinary bias. To mitigate these limitations, supplemen-
tary strategies such as citation chasing (both forward and
backward) and targeted manual searches of key organiza-
tional websites were employed.

CONCLUSION

This 2025 scoping review has systematically mapped the
landscape of literature on generative Al in scholarly writ-
ing and publishing, revealing a field characterized by rapid
evolution, global engagement, and increasing methodolog-
ical sophistication. Our analysis of 56 publications demon-
strates a geographically diverse discourse with significant
challenges in bibliometric classification, where nearly half
of all review articles were misclassified in major databases
that highlights the necessity of manual verification in this
dynamic research area.

The discourse has matured from initial debates about Al au-
thorship to a sophisticated understanding of how different
application patterns, from substantive intellectual tasks to
language enhancement, directly shape specific ethical con-
cerns. This has led to the development of precisely targeted
normative frameworks, including tiered disclosure models
and Al delegation taxonomies, that acknowledge varying
levels of ethical responsibility based on the nature of Al as-
sistance.

The thematic structure of the field reveals a strong focus
on governance, technological capabilities, and risk mitiga-
tion, with educational and broader cultural considerations
remaining peripheral. While a strong cross-disciplinary con-
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sensus has emerged around foundational principles, par-
ticularly human accountability and AI's non-author status,
significant challenges persist in balancing transparency with
equity, preserving scholarly rigor, and addressing systemic
issues like algorithmic bias and “technological colonialism”
in resource distribution.

The proposed research agenda signals a critical transition
from problem-identification to solution-oriented inquiry.
Priority areas include developing validated ethical frame-
works, improving detection methodologies, conducting lon-
gitudinal impact studies, and advancing human-Al collabo-
ration models. Particularly urgent is the need for research
examining Al through decolonial lenses, establishing do-
main-specific best practices, and integrating Al literacy into
educational frameworks.

As generative Al continues to transform scholarly commu-
nication, this review provides a comprehensive foundation
for navigating the complex ethical landscape. The emerg-
ing frameworks and research priorities outlined here offer a
pathway toward harnessing Al's potential while steadfastly
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Nos Reference Type of Review, Details

1. Arar et al., 2025 Hybrid Systemic Review combining:

Bibliometric Analysis and Thematic Content Analysis; 595 documents

2. Ateriya et al., 2025 Narrative Literature Review; the number of publications are not explicitly stated

3. Fakharifar et al., 2025 Narrative Review; the number of publications is not explicitly stated

4. Ghasemi et al., 2025 Scoping review; 28 studies

5. Goyibova et al., 2025 Bibliometric Analysis; 108 documents

6. Mohan et al., 2025 Not applicable; no methodological framework

7. Mondal et al., 2025 A perspective review; the number of publications is not explicitly stated

8. Raitskaya & Tikhonova, 2025 A scoping review; 30 empirical studies
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APPENDIX 2

Articles Included in the Review

Nos Reference Research Design Population
1 Akgun et al., 2025 Randomized, blinded non-inferiority 20 neurosurgeons assessing 10 neurosurgery articles (5
trials human-written, 5 Al-generated)
2 Al Hosni, 2025 Not applicable 18 scholarly papers (published between 2023 and 2025)
Though marked as “Article” in the
Scopus, it is a thematic literature
review
3 Alamri et al., 2025 Not applicable 23 research papers (published in 2024)
Though marked as “Article” in the
Scopus, it is a Systematic Review com-
bined with a SWOT Analysis Framework
4 Alghazo et al., 2025 A corpus-based, mixed-methods 80 essays
approach
5 Alkhawam et al., 2025 A cross-sectional study Not applicable
6 Alnaimat et al., 2025 A narrative/perspective review 213 MEDLINE-indexed cardiovascular journals
7 Anghelescu et al., 2025 Though marked as “Article” in the 78 papers
Scopus, it is a scoping review
8 Archana et al., 2025 A cross-sectional online survey 421 post-graduate (PG) students and research scholars
(PhD) from Science, Social Science, and Technology disci-
plines
9 Bobier et al., 2025 A comparative policy analysis 50 bioethics and health/medical humanities journals
10 Cambraia & Pyrrho, 2025 A conceptual analysis Not applicable
" Cohen & Moher, 2025 A commentary/article, not an empirical Not applicable
study
12 Comas-Forgas et al., A mixed-methods study integrating Research article titles indexed in the Scopus database
2025 qualitative observation with a biblio- from 2015 to 2024
metric analysis
13 Daoudi, 2025 A mixed-methods approach using a 42 researchers from various scientific disciplines
structured questionnaire with quanti-
tative (closed-ended) and qualitative
(open-ended) components
14 Ebadi et al., 2025 A qualitative research design using an 12 journal reviewers from diverse academic disciplines
open-ended questionnaire
15 Erel et al., 2025 An observational cross-sectional study 1268 articles (abstracts) from 86 journals in the “Anes-
thesiology” and “Anesthesiology and Intensive Care” cate-
gories indexed in Web of Science
16 Erol et al., 2025 An experimental study 1,000 text samples (250 human-authored abstracts/intro-
ductions from pre-ChatGPT era neurosurgery articles and
750 Al-generated counterparts)
17 Fung & Ng, 2025 A position paper with a conceptual Not applicable
case study
18 Hosseini et al., 2025 An ethical argument and policy analy-  Not applicable
Sis paper
19 Hu et al., 2025 A qualitative exploratory design 25 non-native English-speaking researchers from various
countries and academic disciplines
20 Huang et al., 2025 A cross-sectional bibliometric analysis 140 ophthalmology journals listed in the Scimago Journal
and Country Rankings
21 Hwang et al., 2025 A mixed-methods study Part 1: 19 professional writers. Part 2: 30 avid readers
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Nos Reference Research Design Population

21 Hytten, 2025 A philosophical reflective essay Not applicable

22 Knight, 2025 A scoping review 592 distinct items were identified, with 47 guideline-sets
grouped as the final units of analysis (75 documents in
total)

23 Kumar et al., 2025 A prospective, quasi-experimental, 36 orthopedic junior residents from a tertiary care medical

single-cohort study college and hospital

24 Lendvai, 2025 A scientometric review using Docu- 171 peer-reviewed Scopus-indexed articles

ment Co-citation Analysis (DCA)

25 Lim G.H. et al., 2025 A two-phase experimental study Eight occupational health manuscripts (five research
articles, one review, one commentary, one case report);
reviewers included three Al tools and five human Occupa-
tional Medicine residents

26 Liu et al., 2025 A systematic scoping review marked in 327 documents

the Scopus database as “Article”

27 Miller et al., 2025 A comparative analysis of published 232 publications from the Journal of Shoulder and Elbow

articles Surgery

28 Mo & Crosthweite, 2025 A comparative corpus analysis of 30 human-written essays from the British Academic Writ-

human-written and Al-generated aca-  ten English (BAWE) corpus and 90 Al-generated essays (30
demic essays from each of the three LLMs)

29 Moorhouse et al., 2025 Not applicable Not applicable

30 Nassar et al., 2025 Cross-sectional study All research articles published from January 2023 to De-
cember 2024 in the five sports medicine journals

31 Oztiirk et al., 2025 Experimental study / Diagnostic accu- 14 reviewers

racy study

32 Parlak et al., 2025 Comparative survey study 15 academic experts in Physical Medicine and Rehabilita-
tion with an H-index >3

33 Picardal et al., 2025 Qualitative descriptive design 65 preservice science teachers (BSED Science) from a
teacher training institution in Central Visayas, Philippines

34 Prakash et al., 2025 Longitudinal large-scale quantitative Academic abstracts from research articles listed under the

analysis Social Sciences Citation Index (SSCI) published by three
major academic publishers between 2012 and 2024

35 Premat et al., 2025 A qualitative phenomenographic 42 students enrolled in a course on academic integrity

analysis

36 Pretorius et al., 2025 Collaborative Autoethnography Five international PhD students and the authors

37 Radtke & Rummel, 2025  An experimental study with a mixed 303 participants

between- and within-subjects design

38 Rafi & Amjad, 2025 Qualitative; survey and test with 86 doctoral scholars and 7 thesis supervisors from social

open-ended questions and human sciences disciplines

39 Resnik & Hosseini, 2025 A conceptual/commentary paper Not applicable

40 Reza et al., 2025 Mixed methods; A systematic literature A final dataset of 109 HCI papers involving 15 writers

review

41 Sparkman & Witt, 2025 A comparative experiment A set of scholarly articles

42 Suchikova et al., 2025 A conceptual paper; a structured ex- Not applicable

ploratory literature review

43 Veiga et al., 2025 Not applicable Not applicable

44 Yaqin et al., 2025 A comparative research design 40 passages from peer-reviewed Malay journal articles

45 Yin & Chapelle, 2025 Text analysis / documentary analysis, a 76 journal policy documents (from the 170 journals analyz-

policy review ed)

46 Yoo, 2025 A comparative policy review Not applicable
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APPENDIX 3

Key Findings and Research Agendas of Publications included in the Review

Reference Type of GenAl / Key Findings Further Research Agenda
AI-Powered Tools
Akgun et al., Generative Al: ChatGPT No significant differences in overall Refine ChatGPT's capabilities for medical
2025 (specifically the GPT-4 quality, impression, criteria satisfac- writing.
model) tion, or degree of detail between Al Develop stronger Al-detection algorithms for
and human articles. journal submissions.
Al-generated articles had significantly ~ Establish and update ethical guidelines for Al
higher readability scores (Lix score and  use in research writing.
Flesch-Kincaid grade level). Explore the balance between Al innovation
Expert assessors could only correctly and accountability to maintain literature
identify authorship 61% of the time. credibility.
Preferences were almost evenly split
(47% preferred Al 44% preferred hu-
man, 9% no preference).
Al is capable of producing compara-
ble, highly readable scientific content
that is often indistinguishable from
human-written work
Al Hosni, 2025  Generative Al: ChatGPT Al-generated texts are grammatically Examine the long-term impact of Al tools on
(versions 3.5 & 4), Copilot, polished, structurally coherent, and voice development.
Gemini, Claude have higher lexical diversity and syn- Explore voice expression across different
tactic complexity. genres and disciplines.
However, they lack emotional depth, Investigate student perceptions of authorship
rhetorical nuance, personal engage- and identity in Al-assisted writing
ment, and critical insight.
Al texts underutilize hedges, boosters,
and engagement markers, resulting
in a detached, neutral, and formulaic
tone.
Human-authored texts show greater
specificity, cultural context, authentic
emotional depth, and signs of critical
thinking.
Over-reliance on Al can lead to the ero-
sion of a student’s authorial voice and
linguistic fingerprint, a phenomenon
linked to “Algiarism.”
Alamri et al., Primary Tool: ChatGPT Strengths: Not explicitly stated. The conclusion implies a
2025 (various versions, including  « Generates ideas and assists with need for future research on developing safe

GPT-3.5, GPT-4).

Other Tools: Google Bard/
Gemini, Google PaLM 2, An-
thropic’s Claude 2, Quillbot,
Grammarly, Bing Al/Chat,
DeepL

writing planning.

+ Improves efficiency and writing
quality.

* Provides personalization and immedi-
ate feedback/support.

Weaknesses:

* Leads to user overreliance.

* Raises ethical concerns (e.g., plagia-
rism).

+ Can provide incorrect information
and sources.

Opportunities:

* Enables enhanced learning strategies.

* Facilitates collaborative learning.

* Drives innovative pedagogical prac-
tices.

Threats:

+ Causes degradation of critical and
creative thinking skills.

* Creates issues due to lack of access to
technology/the internet.

* Raises data privacy concerns

and ethical methods for using Al and on the
practical implementation of Al technologies in
educational settings
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Reference Type of GenAl / Key Findings Further Research Agenda
AlI-Powered Tools
Alghazo et al.,, ChatGPT (Generative Al Human writers use significantly Explore how Al can be designed to adapt
2025 language model) more Expansion and Contraction strat- engagement strategies to different academic

Alkhawam et  Large Language Models

al., 2025 (LLMs), Generative Al
ChatGPT (specifically men-
tioned)

Alnaimat et Bias Detection: YesChat.ai

al., 2025 Plagiarism & AI-Generated

Content Detection: Original-
ity.Al, GPTZero, Scribbr Al
Detector, iThenticate (Tur-
nitin), Viper, Grammarly,
Duplichecker

Image Integrity: Proofig,
ImageRights, TinEye
Journal Submission &
Review Platforms: Elsevier’s
Editorial Manager, AIRA
(Frontiers), Enago Read
Citation Analysis: CIDRE
algorithm, Scite’s Reference
Check

Authorship Analysis (Sty-
lometry): SciDetect

egies than AL

Humans use more Entertain and Dis-
claim markers, showing nuanced
argumentation and active opposition
to counterarguments.

Al relies heavily on hedging and
neutral citation (Acknowledge), with
minimal use of Proclaim markers and
no use of Concur.

Al texts are more expository and less
persuasive, avoiding strong claims or
critical engagement with sources.

Statistical tests (chi-square) confirm
significant differences in engagement
strategy use between human and Al
texts

79.8% of the 213 cardiovascular jour-
nals had an Al policy.

A higher proportion of vascular jour-
nals (89%) had Al policies compared to
cardiology journals (78%).

98.7% of journals with an Al policy
explicitly excluded Al from being listed
as an author.

100% of journals with an Al policy al-
lowed the use of Al-assisted content.
The presence of an Al policy was not
significantly associated with Journal
Impact Factor (JIF) or other journal
metrics (CiteScore, SNIP, SJR, JCI).

Al can enhance the efficiency, consist-
ency, and integrity of in-house ethics
checks for journal submissions.
Specific Al tools are available for
detecting plagiarism, Al-generated
text, image manipulation, bias, missing
ethics statements, citation manipula-
tion, and authorship issues.

Al can be integrated into submission
systems (e.g., Editorial Manager, AIRA)
to automate compliance checks.

Al tools for detecting conflicts of
interest and performing stylometric
analysis for authorship are emerging
but require further development.
Human oversight remains crucial to
interpret Al findings and make final
ethical judgments

disciplines or genres.

Investigate the integration of emotional and
ethical dimensions into Al-generated texts.

Conduct longitudinal studies to track improve-
ments in Al writing capabilities over time.

Track changes in Al policies over time due to
the rapid evolution of the technology.
Broaden research to include non-English jour-
nals and other scientific disciplines beyond
cardiology and vascular medicine.

Explore other influencing variables, such as
publisher practices or editorial board deci-
sions, on Al policy adoption.

Enhance Al tools for detecting authorship
issues and conflicts of interest.

* Improve the accuracy and reduce false-posi-
tive/false-negative rates of Al detectors.

* Explore the integration of Al tools directly
into manuscript submission workflows.

+ Investigate the ethical implications and
potential misuse of Al in peer review (e.g.,
confidentiality breaches, fake citations).
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Reference Type of GenAl /

AI-Powered Tools

Key Findings

Further Research Agenda

Base LLMs: GPT-3.5, GPT-4,
GPT-4 Turbo, Anthropic
Claude 2, Google Bard/
Gemini, Mixtral, Command
R+

Enhancement Frame-
works: Retrieval-Aug-
mented Generation (RAG),
ACURAI

Specific Systems: Note-
bookLM, iDISK 2.0, Biomed-
RAG, MKRAG, RadioRAG

Anghelescu et
al., 2025

GenAl: ChatGPT, Bard,
Claude, GPT models.

Al Tools: Al-based diagnos-
tic systems (e.g., CAD4TB,
gXR, Lunit), drug discovery
models, educational per-
sonalization tools, Al audi-
tors, creative art algorithms,
blockchain-integrated Al

Arar et al.,
2025

Archana et al.,
2025

GenAlL: ChatGPT, Google
Bard/Gemini, Microsoft
Bing/Copilot Al Ask Al
Elicit, Consensus, Scispace,
ChatPDF, Gamma, Slides
Al, GitHub Copilot, OpenAl
Codex.

Traditional AI: Grammarly,
Quillbot, Trinka, Grammar
Check, Scribbr, Research
Rabbit, Litmaps, Scholarcy

Ateriya et al.,
2025

Large Language Models
(LLMs): ChatGPT, GPT-3,
GPT-4, Gemini.

Other Al Tools: Al-pow-
ered plagiarism detection
software, Al systems for
peer review and reviewer
selection

LLMs alone are prone to hallucinations
and provide unreliable information in
specialized domains like medicine.
RAG-enhanced models significantly
improve accuracy and reliability by
grounding responses in real-time,
verified external sources (e.g., scientific
databases).

RAG improved performance odds by
an overall ratio of 1.35 and increased
accuracy in medical question-answer-
ing from 44.46% to 48.54%.

The ACURAI framework, based on
“phrase dominance and discrete func-
tional units (DFUs),” demonstrated a
91-100% elimination of junk outputs in
GPT-3.5 and GPT-4 when tested on the
“RAG-Truth Dataset.”

RAG-LLMs show high application
potential in medical education, clinical
decision support, radiology, healthcare
administration, and patient/caregiver
education

Rapid increase in publications on Ge-
nAI & research integrity post-2020.
China, USA, and India are the most
productive countries.

Key research foci include ethical guide-
lines and transparency.

Major opportunities are enhanced effi-
ciency and personalized learning.
Major threats are algorithmic bias and
academic dishonesty.

Research integrity requires technical
standards and ethical guidelines

Over 90% of respondents use Al tools
for academic activities. ChatGPT is the
most popular tool, used for four differ-
ent activities. The most common uses
are for understanding/learning con-
cepts, grammar checking, and academ-
ic writing. A significant difference in Al
adoption exists across academic levels
(PG vs. PhD). Discipline influenced Al
usage for specific tasks like plagiarism
detection and literature reviewing. No
significant difference in Al tool usage
was found across genders. 9.7% of
non-users cited unawareness, ethical
concerns, and trust issues as reasons

Al integration in academic writing rais-
es major ethical concerns regarding
authorship, intellectual property, and
transparency. Al can perpetuate biases
from its training data, leading to unfair
outcomes. The use of Al increases the
risk of both intentional and uninten-
tional plagiarism. Data privacy is a crit-
ical concern when Al handles sensitive
information. Human oversight remains
essential to ensure accountability and
integrity in Al-assisted work. Al can
enhance the peer review process but
requires careful management to avoid
bias

Broader systematic reviews or empirical test-
ing of ACURAL in clinical settings.

Future advancements in LLM performance
using RAG techniques, fine-tuning, and rein-
forcement learning.

Addressing the challenges of implementation,
scalability, latency, and computational con-
sumption in ACURAI-RAG systems

Develop ethical principles integrated with
oversight systems.

Form international Al ethics policies and inter-
disciplinary cooperation.

Investigate the balance between Al benefits
and socio-ethical risks.

Create extensive regulations for AI/GenAl
implementation across sectors

Incorporate multivariate regression models
to refine insights. Explore discipline-specific
barriers to Al adoption. Conduct focused sur-
veys or in-depth interviews across disciplines.
Examine the long-term academic impact of
Al on learning outcomes and critical thinking
skills. Investigate the effectiveness of Al train-
ing programs in universities

Develop comprehensive ethical guidelines
and frameworks for Al use in academia.
Create and implement effective strategies to
identify and mitigate bias in AI algorithms. In-
vestigate and establish protocols for Al trans-
parency and accountability. Design education
and training programs for researchers on the
ethical use of AL Study and promote equitable
access to Al tools across institutions to bridge
resource gaps.
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Key Findings

Further Research Agenda

Reference Type of GenAl /
AlI-Powered Tools
Bobier et al., Generative Al large
2025 language models (LLMs),
ChatGPT, Al-assisted writing
tools
Cambraia & Generative Al, Large

Pyrrho, 2025  Language Models (LLMs),

ChatGPT

Cohen & Mo-
her, 2025

Generative Al Large
Language Models (LLMs),
ChatGPT, GPT-3.5, Meta’s
Llama 2

Generative Al (GAI), Large
Language Models (LLMs),
ChatGPT (specifically GPT-
4.0)

Comas-Forgas
etal., 2025

A minority of journals had a clear Al
policy, while over half were published
by a publisher with a policy. Publisher
policies were generally favourable to
Al-assisted manuscripts, but a small
number of journals explicitly prohib-
ited Al-generated text. There was
significant inconsistency in disclosure
requirements and the extent of per-
missible Al use. The lack of standard-
ized guidelines creates confusion for
authors and risks to scholarly integrity

GenAl poses a risk of technological co-
lonialism by re-enacting colonial power
dynamics. It centralizes knowledge
production and enunciation, perpet-
uates global inequities, and exploits
data and labour from the Global
South. High-level ethical principles are
insufficient to address these challeng-
es, requiring a decolonial framework
focused on the power dynamics of
knowledge enunciation

Generative Al can assist in overcoming
language barriers, expediting the writ-
ing process, and potentially improving
adherence to reporting guidelines.
Significant threats include the perpetu-
ation of biases from training data, the
generation of inaccurate information
and fabricated references (“hallucina-
tions”), complex authorship and ac-
countability issues, potential exacerba-
tion of inequalities among researchers,
and the risk of fuelling paper mills and
low-value publications

A marked increase in the usage of 15
specific verbs (e.g., revolutionizing,
unveiling, enhancing) was observed

in academic titles from 2023-2024,
suggesting Al's influence. The mean
Year-over-Year Growth (YoYG) for
these verbs was 99.9%. The trend was
most pronounced in multidisciplinary
studies, health sciences, and sciences/
engineering, and among authors from
non-English speaking countries. An
estimated 63,780 titles over 2023-
2024 were potentially Al-generated or
assisted

Exploring editorial adherence to publisher-lev-
el policies, investigating editors’ perspectives
on Al-assisted manuscripts, and developing
consensus guidelines through professional
societies like the American Society of Bioethics
and Humanities

Examining how discourse is artificially gen-
erated and why humans are convinced by it;
Investigating the role of epistemic dynamics
in digital colonialism; Exploring how diverse
cosmovisions can influence technological
design

Research into whether GenAl is prone to
distorting research findings (“spin”); Applica-
tions of GenAl to better implement reporting
guidelines; Development of harmonized
guidance for reporting GenAl use.

Expanding the analysis to include more
linguistic markers beyond the 15 verbs;
Incorporating data from additional databases
beyond SCOPUS; Examining individual articles
for explicit author disclosures on GAI tool us-
age and how such disclosures affect academic
integrity
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Reference Type of GenAlI / Key Findings Further Research Agenda
AlI-Powered Tools
Daoudi, 2025  ChatGPT, Copilot, Napkin, Al is viewed as a powerful tool for Broader sampling strategies involving larger
Meta Al, Perplexity, Bing, enhancing research efficiency, par- and more demographically, institutionally,
Gemini, Leonardo Al ticularly in data analysis (61.9%) and and geographically diverse populations; Trian-
hypothesis generation (45.2%). Sig- gulating self-reported data with observational
nificant ethical concerns include bias, studies or document analyses
transparency, and trust. In academic
writing, 81% support Al use with prop-
er acknowledgment, and 76.2% are
open to Al-assisted peer review under
human supervision. The future role of
Al is seen as complementary to human
expertise (69%). Key barriers include
limited access to Al tools (47.6%), high
costs (38.1%), and insufficient technical
skills (45.2%)
Ebadiet al., Large Language Models LLMs can automate preliminary Extend the sample size to enhance general-
2025 (LLMs), specifically men- screening, plagiarism detection, and izability. Use mixed-methods approaches for
tioned as “generative language checks, reducing reviewer deeper insights. Explore the development
Al tools” and “Al-based workload and increasing consistency. of more advanced Al tools tailored to aid
chatbots” (e.g., tools like Significant ethical concerns include the review process while addressing ethical
ChatGPT are implied) potential algorithmic bias, lack of concerns. Investigate the impact of LLMs on
transparency, and risks to data privacy the workload and evolving role of human
and confidentiality. LLMs should reviewers
supplement, not replace, human
judgment, as human reviewers are
essential for contextual understanding
and nuance. There is a pressing need
for clear, well-disseminated policies
and ethical guidelines for using LLMs
in peer review
Erel et al,, Al detectors: Copyleaks A high percentage (83.2%) of abstracts  To incorporate a broader range of journals
2025 and ZeroGPT. The study were classified as «Al-assisted». Al beyond the Web of Science and to scan com-
investigates the use of gen-  assistance was significantly higher plete manuscripts instead of only abstracts
erative Al writing tools (like among non-native English-speaking for a more comprehensive analysis
ChatGPT, Bing, Bard) indi- authors and in articles published in
rectly via these detectors high-impact (SCI/SCIE) journals. A
positive correlation was found between
abstract length and the detected level
of Al assistance
Erol etal., Text Generators: ChatGPT Al-output detectors (GPTZero, Ze- Evaluate outputs from other large language
2025 3.5, ChatGPT 4, ChatGPT 40.  roGPT, Corrector) showed moderate models beyond ChatGPT. Incorporate factual

AI-Output Detec-

tors: GPTZero, ZeroGPT,
Corrector App.

Plagiarism Detector: Plagia-
rism Detector tool

to high success (AUC 0.75-1.00) in
distinguishing Al-generated texts,

with performance improving against
newer ChatGPT versions. Al-generat-
ed content had very high originality
scores (approx. 99%), evading plagia-
rism detection. No detector achieved
100% reliability, and false positives
occurred, misclassifying up to 30.4% of
human-written texts as Al-generated

accuracy assessment of Al-generated con-
tent. Develop transparent and interpretable
detection models tailored to scientific writing.
Investigate the impact of paraphrasing on
detection evasion
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Fakharifar et ~ ChatGPT (GPT-4, GPT-40),

al., 2025 Claude, Google Gemini,
Microsoft Copilot (Bing)

Fung & Ng, Large Language Models

2025 (LLMs) and Al code gen-
eration tools, specifically
mentioned: Poe (by Quora).
Other tools referenced in
a broader context include
OpenAI ChatGPT and Micro-
soft Copilot

Ghasemi et ChatGPT (OpenAl), specifi-

al., 2025 cally versions 3.5 and 4

Goyibova et ChatGPT, GPT-3, GPT-4,

al., 2025 Grammarly, Jenni Al, Google

Gemini, Quillbot, Typeset,
Scite, Poe

Al tools can enhance efficiency in draft-
ing, literature synthesis, and content
creation but require human oversight
for accuracy and reliability. Perfor-
mance varies between models, with
ChatGPT-4 showing higher quantitative
accuracy. Significant challenges include
potential for errors, inherent biases in
training data, and ethical concerns like
plagiarism. The 2024 ICMJE guidelines
mandate transparency, disclosure, and
author accountability for Al-assisted
content. Major journals have adopted
cautious policies, often prohibiting Al
in confidential peer review processes

Al drastically lowers the technical and
resource barriers (time, cost, exper-
tise) of traditional Simulation-Based
Research (SBR) by automating code
generation. A case study demonstrated
that functional simulation code could
be generated in 20 seconds, a task
that traditionally takes months. AI-SBR
offers advantages over traditional
methods, including enhanced pre-
dictive power for «what-if» scenarios,
massive scalability (e.g., simulating
100,000 individuals), and feasibility for
studying logistically challenging topics.
AI-SBR is positioned as a complemen-
tary research paradigm to traditional
empirical and normative methods

Advantages: Clinical decision support,
improved medical education, re-
search assistance, improved accu-
racy, self-learning, summarization,
enhanced critical thinking, interaction
abilities.

Limitations: Knowledge limitations and
accuracy, reliability issues, outdated or
biased training data, clinical deci-
sion-making challenges, ethical and
policy concerns, patient safety risks,
wrong reference lists, education and
monitoring needs, responsibility and
decision risks.

Benefits: Enhances writing efficiency,
provides personalized feedback, aids
research, and automates tasks.
Ethical Challenges: Raises concerns
about plagiarism (“Algiarism”), aca-
demic integrity, over-dependence, and
originality loss.

Research Clusters: Five key clusters
identified: Al integration, language
models, academic context, assess-
ment/integrity, and student experi-
ence.

Comprehensive validation of Al applications
using diverse datasets. Development of stand-
ardized evaluation protocols. Longitudinal
studies to assess long-term effects. Further
investigation into bias detection and mitiga-
tion strategies. Comparative analysis of other
Al tools (e.g., Claude, Gemini, Copilot) against
ChatGPT

Develop robust validation standards and
protocols for Al-generated simulation code.
Explore hybrid methodologies that combine
AI-SBR with targeted empirical data collection.
Integrate Al-driven simulation competencies
into research training and curricula

Improve knowledge base, reduce hallucina-
tions, enhance ability to handle uncertainty,
validate performance in clinical settings,
establish ethical guidelines, ensure patient
safety, and integrate with human oversight

Develop ethical guidelines and frameworks
for Al use in academia.

Investigate Al's long-term impact on critical
thinking and writing skills.

Explore Al detection tools and methods to
ensure academic integrity.

Examine Al's role in personalized learning
and self-regulated writing.

Study cross-cultural and cross-linguistic appli-
cations of Al writing tools
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Hosseini et al., Generative Al (GenAl),

2025 Large Language Models
(LLMs), ChatGPT, Al-assist-
ed writing tools integrated
into word processors

Hu et al., 2025 ChatGPT (Generative Al
Large Language Model)

Huang et al., Generative Al (GAI), Large

2025 Language Models (LLMs),
ChatGPT, and other unspec-
ified GAI tools

Hwangetal., Large Language Models

2025 (LLMs), GPT-4. The study

compared personalized (via
in-context learning) and
non-personalized versions

Position Shift: The authors have
changed their position from support-
ing mandatory disclosure to advocat-
ing for voluntary disclosure of GenAl
use for writing assistance.

Three Justifications Rebutted: 1) De-
marcating human vs. Al contribution
is impractical; 2) Detailed disclosure is
too burdensome and doesn’t aid evalu-
ation; 3) Disclosure can introduce bias
against non-native English speakers
and compromise blind peer review.

Proposal: Implement a voluntary,
machine-readable checkbox system for
disclosure at submission, with infor-
mation visible only after publication to
prevent bias

Identified five identity configurations:
Reluctant Adoption, Conditional
Alignment, Strategic Realignment,
Lingering Dissonance, and Reflective
Congruence.

Identity negotiation is mediated by
the tension between self-image, ideal
self, and self-esteem (Rogers’ Theory).
Disciplinary differences exist: STEM/
applied fields view Al as a pragmatic
tool, while humanities/social sciences
experience deeper identity conflicts.
ChatGPT acts as a mediating technol-
ogy (Verbeek’s Theory), amplifying
competence but sometimes reducing
perceived authorship agency.

Using Al for text generation causes
more significant identity conflict than
using it for language polishing.

A majority of ophthalmology journals
have established GAI guidelines. There
is a strong consensus that GAI cannot
be an author and that human authors
are fully responsible for its outputs.
Disclosure of GAI use is universally
required. Guidelines for Al-generat-
ed images are common, with most
journals permitting their use under
specific conditions. A significant lack
of standardization in guidelines exists
across and within publishers.

Writers define authenticity through the
source of content, the construction/
expression of their authentic self, and
writing outcomes. Writers believe prac-
tices like starting with a clear vision
and acting as “content gatekeepers”
help preserve authenticity. Writers
subjectively preferred personalized Al
but showed no significant behavioral
difference in usage. Readers could not
reliably distinguish Al-assisted work,
were interested in it, and reacted pos-
itively to writers using Al, contrasting
with writers’ concerns about negative
reader perceptions.

Not explicitly stated

Examine the influence of socio-cultural con-
texts, institutional expectations, and support
systems.

Investigate the impact of demographic
factors (e.g., writing proficiency, years of
experience).

Conduct longitudinal studies to track evolving
identity configurations.

Undertake deeper ethical inquiry into author-
ship, originality, and transparency.

Long-term monitoring of guideline evolution
is needed. The development of standardized,
universally accepted interdisciplinary guide-
lines for GAI use in academia is recommended

Investigating the distribution of work be-
tween humans and AI; Pacing and temporal
adjustment of Al support; Developing tools
to help communicate writers' internal states;
Further exploring writer-reader relationships
in the context of Al co-creation

34

JLE | Vol. 11 | No. 4 | 2025



The 2025 Landscape of Generative Al in Scholarly Writing and Publishing

| Editorial

Reference Type of GenAl /

AI-Powered Tools

Key Findings

Further Research Agenda

Hytten, 2025 Generative Al specifically

the paid version of ChatGPT

Knight, 2025 Not specified; the focus
is on Al ethics guidelines
broadly, not specific Al tools
Kumar et al., ChatGPT (a large language
2025 model by OpenAl)

Lendvai, 2025 ChatGPT (OpenAl's large

language model)

The author experiences a deep

ethical conflict when using Al, feeling
it undermines the intellectual strug-
gle integral to scholarship. Al use
challenges traditional concepts of
authorship and ownership of scholarly
work. The nature of scholarly labor is
changing, risking the loss of intellectu-
al depth and rigor. Current disclosure
norms are inadequate for capturing
the extensive, collaborative nature

of human-Al interaction. Al presents

a uniquely seductive and potentially
irresistible temptation for academics
and students

There is no well-established model

for developing ethics guidelines. Most
guidelines include statements on their
development approach and audience,
but evidence use is largely at a global
level rather than for specific contexts.
Common structural features include
overview statements and ethical
principles, but key elements like cases
and strategies are often missing. Very
few guidelines address the specific
intersection of Al and research ethics
in education. Restrictive licensing often
prevents the adaptation and reuse of
guidelines

ChatGPT significantly improved scores
for understanding article structure,
mastering writing techniques, and
using correct language. It had no
statistically significant impact on iden-
tifying research problems, knowledge
of research types, or understanding re-
search methods. Al-generated content
improved efficiency but often lacked
originality and critical depth

The discourse is structured into ten
major thematic clusters, grouped into
three areas: Risks and ethical chal-
lenges (e.g., hallucinated references,
plagiarism, authorship ambiguity),
Practical applications (e.g., assist-

ing non-native speakers, language
enhancement), and Innovation and
scholarly integration (e.g., pedagogical
frameworks, stylistic features). There is
a dual narrative recognizing ChatGPT's
benefits for accessibility and efficien-
cy alongside serious concerns about
academic integrity and the limitations
of Al-detection tools

How to preserve the meaning of “authorship”
and “original scholarship” in an Al world. How
to help students use Al ethically to support,
not replace, cognitively challenging tasks. The
long-term impact of Al on the capacity for in-
formed judgment and the quality of academic
arguments

Developing and evaluating shared processes
and structures for guideline creation. Inves-
tigating methods for including evidence-mo-
bilization materials in guidelines. Evaluating
guidelines as resources for learning ethical
practice. Exploring the distinctive ethical
features of using Al in specific domains like
education

Explore longitudinal outcomes and long-term
skill retention. Standardize Al usage protocols.
Develop institutional guidelines for respon-
sible AT use. Investigate AI's role in scientific
publishing ethics and its influence on writing
development

Move beyond identifying risks to examine
how journal editors and institutions are
adapting. Explore ChatGPT's role in pro-
moting or complicating scholarly equity for
non-native speakers and under-resourced
researchers. Develop stronger theoretical
frameworks and conduct longitudinal studies
on AI's impact on scholarly communication
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Limetal,, Microsoft Copilot, ChatGPT
2025 (GPT-3.5), Google Gemini
1.0
Liuetal., 2025 ChatGPT
Miller et al., ChatGPT; Al detection via
2025 ZeroGPT
Mo & Crosth-  ChatGPT-4.0, ERNIE Bot 4.0,
weite, 2025 Meta Al (using Llama 3.1)
Mohan etal.,  Large Language Models,
2025 ChatGPT, Al-assisted tech-
nology (mentioned as tools
requiring acknowledgment
in manuscripts)
Mondal et al., Al Text Generators (e.g.,
2025 ChatGPT, Claude, Perplexi-

ty); Al Detection Tools (e.g.,
Turnitin); Al Paraphrasers/
Humanizers (e.g., Stealth
Writer, QuillBot)

Generative Al tools were significantly
more effective than human reviewers
in providing feedback (mean score
3.44 vs. 2.33, p<0.001) and significant-
ly more time-efficient (11.08 min vs.
45.15 min, p<0.001). Human reviewers
performed better in providing recom-
mendations (mean score 3.36 vs. 2.85,
p<0.01). Al tools sometimes produced
fictitious content (“hallucinations”).

ChatGPT demonstrates significant po-
tential in overcoming writing anxiety,
improving writing efficiency, gener-
ating initial scientific papers, and as-
sisting researchers and students with
feedback. However, it faces challenges
in data accuracy, ethics of generated
content, authorship attribution, and
risks of plagiarism and bias

A significant increase in suspected

Al use in abstracts after ChatGPT's
launch (21.1% in 2022 vs. 30.1% in 2024,
p=0.0002). No significant increase was
found in full-text articles. European
publications had significantly lower Al
content in abstracts (>10% threshold)
compared to other regions

Human academic writers use a sig-
nificantly higher frequency and wider
range of stance and engagement
features compared to GenAlL LLMs
use a narrower, more repetitive set of
features. Disciplinary use was largely
similar except in Philosophy, where
Al underused reader pronouns and
shared knowledge appeals. Significant
variation was also found between the
three LLMs’ performance

The EIC's role is multifaceted, re-
quiring management of peer review,
plagiarism detection, ethical issues

like guest/ghost authorship, salami
slicing, and duplicate publications. Best
practices include using software for
screening, double-blinded peer review,
incentivizing reviewers, and collaborat-
ing with other editors

Al tools can assist in drafting, editing,
and refining academic text, especial-

ly for non-native English speakers.
However, over-reliance or misuse risks
undermining originality, clarity, and in-
tellectual contribution. Al detectors are
often unreliable and can be bypassed
by humanizer tools, creating a cycle
that complicates academic integrity.
Transparency, human oversight, and
adherence to ethical guidelines (e.g.,
ICMJE, WAME) are essential for respon-
sible Al use

Development of customizable Al assistants
trained on specific datasets of peer-reviewed
articles and academic writing styles; explo-
ration of Al tools with fewer limitations (e.g.,
paid versions, graphic and table processing
capabilities)

Future studies should explore addressing
challenges through technical and policy
improvements, establishing ethical guidelines
and legal frameworks, designing long-term
tracking studies, optimizing algorithms for
accuracy, and promoting multilingual interac-
tion and collaboration

Investigate Al use in submitted vs. published
manuscripts; study the impact of Al use on
acceptance rates; use multiple detection tools
and author surveys for enhanced validation;
track emerging trends over time

Investigate stance and engagement in “hard”
disciplines; use automated annotation on
larger text samples; explore the impact of
different prompting strategies; include other
competitor LLMs (e.g., Claude, Gemini).

Not explicitly stated

Not explicitly stated
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Moorhouse et
al., 2025

Large Language Models
(LLMs) (e.g., ChatGPT-4);
Al-powered research tools
(e.g., Open Al's Deep
Research, Scopus AI); Com-
puter-Assisted Qualitative
Data Analysis Software
(CAQDAS) with Al features
(e.g., MAXQDA, NVivo); A
summarization and dissem-
ination tools (e.g., Google
NotebookLM)

Nassar et al.,
2025

Large Language Models
(LLMs) (e.g., ChatGPT);
Al detection tools (e.g.,
ZeroGPT)

Generative Pre-Trained
Transformer 4 omni (GPT-
40); ChatGPT

Oztirk et al.,
2025

Parlak et al., ChatGPT-40 (GPT-4 Omni)

2025

ChatGPT (OpenAl), Perplex-
ity AL, Gemini, Unriddle,
CICI (Classroom Intelligent
Companion Interface),
Microsoft Copilot, Quillbot,
Grammarly, Google Assis-
tant, Scribbr

Picardal et al.,
2025

A framework built on five elements of
quality study:

1) transparency,

2) methodological rigor,

(
(
(3) ethics,
(4) societal value, and
(

)
)
)
5) human accountability

It can guide TESOL researchers in
making principled decisions about
using GenAl The framework provides
methodological actions and reflective
questions for researchers and can be
used by journals to evaluate Al use

3.28% of 3,596 articles published
after ChatGPT's release exceeded
the Al-generated content threshold.
Use varied significantly by journal
(Arthroscopy: 7.17%; KSSTA: 0.93%).
A significant upward temporal trend
was identified, with Al use increasing
from 2.38% in early 2023 to 6.25% in
late 2024. Editorial policies appear to
influence usage rates

78.6% (11 of 14) of reviewers did not
realize the manuscript was Al-gen-
erated. At the editorial stage, 14.3%
accepted it directly and 42.9% sent it
for peer review. As peer reviewers,
28.6% recommended acceptance after
minor revisions. Only 21.4% correctly
identified the Al origin, citing standard-
ized structures, superficial discussion,
and repetitive language as clues

Al-generated titles were significant-

ly preferred (58.1%) over original
human-written titles (41.9%). The
most cited reason for preference was
“comprehensibility” (47.3%). Al titles
were favored for clarity and attractive-
ness, while original titles were more
frequently chosen for “scientific accu-
racy.” 93.3% of participants preferred
Al titles more frequently overall

ChatGPT was the most used Al tool
(62%). Al was primarily used for con-
tent generation (19%), data analysis/
interpretation (17%), and methodologi-
cal guidance (14%). Students employed
diverse prompting strategies (direct
questioning, contextual, iterative, role-
based). Al served as a cognitive and
metacognitive scaffold, but concerns
emerged regarding over-reliance,
academic integrity, and the need for
critical oversight. Seven contextual
factors influenced Al use, including
cognitive load, time pressure, and lack
of confidence in writing

The framework requires further speciali-
zation for specific research methodologies
and TESOL communities. The competencies
needed to use GenAlI for TESOL research need
to be fully articulated. The framework should
be tested on various study types beyond qual-
itative interview studies.

Future studies should validate findings using
other Al detection tools. Research should as-
sess the accuracy of Al-generated content and
its impact on article integrity. Studies should
evaluate the adequacy of Al usage declara-
tions in manuscripts and investigate author
compliance with journal policies

Not explicitly stated

Future studies should compare outputs from
different Al systems, involve larger participant
samples, sample titles from multiple jour-
nals, and evaluate titles at a contextual level
beyond just linguistic features.

Longitudinal studies to trace how Al-literate
preservice teachers integrate Al into their
professional practice post-graduation; inves-
tigating the impact of Al-supported writing
on deeper learning outcomes; examining the
role of smart prompting as a 21st-century lit-
eracy skill and its implications for curriculum
design and assessment across disciplines.
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Prakash etal.,, Large Language Models

2025 (LLMSs) such as ChatGPT,
Al-assisted writing tools like
Grammarly

Prematetal., Generative Al tools, spe-

2025 cifically Al chatbots like

ChatGPT

Pretorius et Generative Al tools, specif-

Global improvement in writing com-
plexity from 2012 to 2024, with notable
gains in non-native English-speaking
and lower-income countries; China sur-
passed the United States in readability
scores; Internet penetration is a signif-
icant predictor of writing quality; In-
creased use of adjectives and adverbs
associated with LLM-generated text,
especially in non-native English-speak-
ing countries and China, suggesting
wider adoption of Al tools

Swedish HE approach emphasiz-

es trust, pedagogical support, and
context-sensitive reasoning over
surveillance; 57% of students support
disclosing ChatGPT use, especially for
substantial content generation; Stu-
dents exhibit a pragmatic, context-sen-
sitive approach, distinguishing be-
tween substantial and auxiliary Al use;
Institutional guidelines evolved from
initial prohibitions towards promoting
transparency and responsible use

GenAl reshaped power dynamics and

Examine AI's broader influence on education,
creativity, and communication; Investigate
the impact of Al tools on foundational writing
skills and academic integrity in primary/sec-
ondary education; Explore Al's role in creative
outputs and professional communication; Use
qualitative assessments to evaluate deeper
writing qualities beyond surface-level read-
ability; Conduct original analyses to identify
evolving linguistic markers of Al-generated
content

Explore similar questions across diverse
disciplines, universities, and cultural contexts;
Combine student, teacher, and policy-maker
perspectives; Conduct longitudinal studies to
trace the evolution of student attitudes along-
side institutional policies and Al technologies

Not explicitly outlined

al., 2025 ically ChatGPT; also men- challenged academic hierarchies by
tions QuillBot, Grammarly,  providing real-time language support;
and Canva It empowered multilingual scholars
to participate in academic discourse,
disrupting traditional gatekeeping; By
automating routine tasks, GenAlI shift-
ed the academic focus from technical
skills to intellectual contributions; Ge-
nAl supported personalised learning,
socialisation into academic commu-
nities, and wellbeing; The ethical use
of GenAl, framed by Ubuntu, acts as a
democratising force promoting social
justice and inclusivity
Radtke & Al-based text generators Learners invested less time revising a Investigate the underlying psychologi-
Rummel, 2025 (e.g., ChatGPT, GPT-3.5, Jas- text labeled as Al-generated compared cal processes of revising peer-written vs.
per, Google Gemini/Bard);  to one labeled as peer-written, but Al-generated texts; Examine revision focus
Large Language Models the number of identified areas for im-  (e.g., factual accuracy for Al texts vs. linguistic
(LLMs) provement and revision operations did issues for peer texts) and depth (surface vs.
not differ significantly. Greater prior meaning-changing revisions); Explore the
exposure to media reports about Al, role of learner-Al interaction prior to revision;
higher trust in Al and a tendency to- Include other authorship labels (e.g., expert,
ward social loafing in Al-assisted writ-  peers with varying expertise); Use think-aloud
ing were associated with less revision protocols and alternative revision measures
time for Al-labeled texts. Learners with  (e.g., characters changed, text length); Inves-
more experience in academic writing tigate the role of gender-related self-concept
identified more areas for improvement beliefs and technology self-efficacy in Al-as-
and made more revisions, regardless sisted writing; Develop improved measures
of authorship. Female learners revised  for writing skills and Al literacy
more extensively than male learners
across all measures, irrespective of the
labeled author
38 JLE | Vol. 11 | No.4 | 2025
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Rafi & Amjad,  Generative Al (GenAl),
2025 ChatGPT, GPT-4, Al writing
bots, Al simulation tools, AI
sentiment analysis tools
Ragel, 2025 Al and Generative Al (Ge-
nAl) technologies; men-
tioned tools: Grammarly
Raitskaya & Generative Al (GenAl),
Tikhonova, ChatGPT, large language
2025 models (LLMs) such as BERT
and LLM4HA
Resnik & Hos- Al tools, generative Al,
seini, 2025 Al-assisted technologies,
chatbots, large language
models
Reza et al., Large Language Models
2025 (LLMs); Al-assisted writing

tools (e.g., ChatGPT, Gram-
marly, Microsoft Copilot,
Claude, LLaMA, Sudowrite);
Systems for brainstorming,
drafting, editing, and pro-
viding feedback

GenAl aids in improving writing me-
chanics, providing efficient feedback,
augmenting thinking processes,
structuring arguments, and facilitat-
ing data analysis. Challenges include
hallucinations, ethical concerns,
context-text mismatch, and reduced
critical thinking. Strategies include
supervisor guidance, recognizing Al
linguistic cues, and effective prompt
formulation

Al and GenAl are transformative tools
for scholarly publishing, aiding in data
analysis, literature reviews, and draft-
ing. They help remove linguistic barri-
ers, accelerate discoveries in fields like
genomics and climate science, reduce
cognitive biases, and promote more
reproducible research. Transparency,
ethical guidelines, and equitable access
are crucial for responsible use

GenAl holds substantial potential

to support critical thinking develop-
ment, particularly when pedagogically
integrated. 21 out of 30 reviewed
studies reported a positive impact.
Key benefits include support for idea
generation, argument construction,
and metacognitive awareness. Risks
include cognitive offloading and
over-reliance. Impact is moderated by
individual factors (e.g., motivation, Al
literacy) and pedagogical design

Proposes a framework where Al disclo-
sure should be mandatory only when
use is intentional and substantial. Sub-
stantial use is defined by three criteria:
1) Al makes decisions that directly
affect research results, 2) Al generates/
synthesizes content/data/images, or 3)
Al analyzes content/data/images. Dis-
closure is optional for minor assistance
(e.g., editing) and unnecessary for
trivial/integrated uses

Four primary design strategies were
identified in HCI research: Structured
Guidance, Guided Exploration, Active
Co-Writing, and Critical Feedback.
Writers' ownership preferences vary by
writing context. Content-centric writers
prioritize control over planning, while
form-centric writers prioritize control
over translating and reviewing. Writ-
ers’ sense of ownership is modulated
by contextual factors like time con-
straints, task importance, confidence,
and trust. Interaction design is crucial,
with writers preferring Al suggestions
over direct edits, maintaining final say,
and having global and local Al toggles.
The cognitive process of Monitoring is
critically underexplored in Al-assisted
writing research

Experimental studies to quantify GenAl's
impact on cognitive development; correlation
between prompt formulation skills and GenAl
output; changes in supervisor-student inter-
action dynamics due to GenAl reliance

Not explicitly stated

Longitudinal studies on long-term effects;
discipline-specific instructional models; robust
theoretical frameworks linking Al use to
cognitive outcomes; conditions under which
GenAl fosters meaningful learning

Survey journal editors and experts from dif-
ferent scholarly domains to understand their
views on disclosure policies; further study on
whether disclosing optional Al use to peer
reviewers introduces bias.

Develop more flexible systems that allow us-
ers to adjust Al involvement across different
writing processes. Investigate and design sup-
port for the underexplored Monitoring cog-
nitive process. Incorporate global and local
Al toggles in interaction design to minimize
distractions and grant fine-grained control.
Expand research to include more age-diverse,
educationally diverse, and Al-naive partici-
pant samples. Explore alternative theoretical
frameworks beyond Flower and Hayes to
better describe Human-AlI collaboration.
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Sparkman & Claude (Anthropic); Large Claude excelled at summarizing points  Repeating the experiment using the paid
Witt, 2025 Language Models (LLMs); of agreement across sources and version of Claude to overcome the technical

Generative Al; ChatGPT is
also discussed extensively
in the literature and the
review content

Suchikova et  Generative Al (GAI) / Large

al., 2025 Language Models (LLMs);
specifically mentioned tools
include ChatGPT, Claude,
DeepSeek, and Gemini

Veiga et al., Generative Al (e.g.,

2025 ChatGPT, other Large Lan-
guage Models); Al-assisted
tools (e.g., Grammarly,
Mendeley, EndNote, Zote-
ro).

Yaqin et al., ChatGPT (a Generative Al

2025 |/ Large Language Model
developed by OpenAl)

Yin & Generative Al (GenAlI) /

Chapelle, 2025 Large Language Mod-

els (LLMs); specifically
mentioned tools include
ChatGPT, Gemini, Midjour-

ney, DALL-E, and Sora

producing coherent, introductory-style
text. Key limitations included providing
incomplete citations, hallucinating
false information (e.g., incorrect page
numbers), struggling with synthesis,
and producing mistargeted citations
that misrepresented source argu-
ments. The Al was unable to generate
original thought or analysis beyond
the provided articles and could not
integrate outside knowledge or lived
experience

Introduces the GAIDeT taxonomy,
which classifies GAI contributions
across macro and micro levels of the
research process (e.g., Conceptualiza-
tion, Literature Review, Methodology).
A web-based GAIDeT Declaration Gen-
erator was developed to help research-
ers create transparent disclosure
statements. The framework maintains
that GAI cannot be an author but its
contributions must be documented to
preserve human accountability

Inconsistencies exist among top
publishers’ Al policies. Al-assisted tools
are generally accepted for grammar
and formatting, while generative Al
use requires caution and disclosure.
All publishers prohibit Al authorship.
Key themes are author accountability,
human oversight, and transparency.
Concerns include biases, quality/relia-
bility issues, and intellectual property
compliance

The Untrained Dataset (UTD) had
significantly more grammatical errors
(87) than the Trained Dataset (TD)
(18). Common errors in UTD included
incorrect sentence structure, omission
of nouns, and inappropriate word
choices. Structured prompts improved
output quality but did not eliminate
persistent errors like phrase structure
and affixation issues

Less than half (44.7%) of the 170 ap-
plied linguistics journals provided Ge-
nAl use guidelines. There was strong
consensus against Al authorship
(96.1%) but significant disagreement
on other uses (e.g., citing A, manu-
script drafting, image generation).
Guidelines were often incomplete,
with low coverage for data-related
tasks. Inconsistencies were found both
across journals and between journals
and their publishers

limitations of the free version. Conducting
repeated testing on various and newer LLM
models to track their progress in performing
scholarly research tasks

Future work should focus on empirical vali-
dation, cross-disciplinary adaptability, policy
implications for GAI governance, and devel-
oping standardized methods for determining
proportional GAI credits

Not explicitly stated

Future research should focus on fine-tuning
Al models with syntactic rules, expanding Ma-
lay linguistic corpora, conducting comparative
studies with other low-resource languages,
and investigating the effectiveness of Al-as-
sisted writing tools in academic settings

Future research should monitor how Al
policies evolve over time and investigate a
broader range of journals and publishers.
The study also calls for the applied linguistics
community to address how Al guidelines are
formulated and to find ways to involve more
people in creating standardized guidance
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Reference Type of GenAl /
AI-Powered Tools

Key Findings

Further Research Agenda

Yoo, 2025 Generative Al, Large Lan-
guage Models, ChatGPT,
Gemini, Al-assisted writing
tools, Al detection tools
(e.g., GPTZero, Originality.
Al Turnitin Al Detector)

International consensus prohibits Al
authorship; transparent disclosure of
Al use is mandatory; human authors
retain full accountability; Al detection
tools are unreliable and biased; journal
policies vary in strictness but share
core ethical principles

Developing more nuanced disclosure stand-
ards; creating educational programs for
stakeholders; establishing guidelines for Al
use in peer review; preparing for future sce-
narios where Al reaches human-level writing
proficiency
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APPENDIX 4

Uses of Generative Al in scholarly writing and publishing

Use Category

Specific Use

References

Idea Generation & Conceptu-
alization

Literature Review & Sourcing

Writing & Drafting

Editing & Language Enhance-
ment

Data-Related Tasks

Visualization & Illustration
Research Design & Methodol-
ogy

Peer Review & Feedback

Administrative & Support Tasks

Brainstorming, generating
hypotheses, outlining

Literature searching, summa-
rizing, gap identification

Drafting text, paraphrasing,
synthesizing

Grammar checking, improving
readability, polishing

Data analysis, generation,
collection, coding

Generating figures, tables,
images

Study design, methodology,
simulation coding

Providing feedback on drafts,
assisting review

Formatting references, manag-
ing citations

Akgun et al.,, 2025; Alamri et al., 2025; Archana et al., 2025; Bobier
et al., 2025; Cohen & Moher, 2025; Hosseini et al., 2025; Lendvai,
2025; Picardal, 2025; Premat & Farazouli, 2025; Resnik & Hosseini,
2025; Sparkman & Witt, 2025; Yoo, 2025

Alamri et al., 2025; Archana et al., 2025; Fakharifar et al., 2025;
Lendvai, 2025; Resnik & Hosseini, 2025; Sparkman & Witt, 2025;
Suchikova et al., 2025

Akgun et al., 2025; Alamri et al., 2025; Archana et al., 2025; Bobier
et al.,, 2025; Cohen & Moher, 2025; Erol et al., 2025; Fakharifar et al.,
2025; Ghasemi et al., 2025; Lendvai, 2025; Picardal, 2025; Resnik &
Hosseini, 2025; Yoo, 2025

Akgun et al., 2025; Al Hosni, 2025; Archana et al., 2025; Cohen &
Moher, 2025; Goyibova et al., 2025; Hosseini et al., 2025; Lendvai,
2025; Lim G.H. et al., 2025; Nassar et al., 2025; Prakash et al., 2025;
Premat & Farazouli, 2025; Resnik & Hosseini, 2025; Yoo, 2025

Alamri et al., 2025; Archana et al., 2025; Fakharifar et al., 2025; Fung
& Ng, 2025; Resnik & Hosseini, 2025; Suchikova et al., 2025; Yoo,
2025

Resnik & Hosseini, 2025; Yoo, 2025
Fung & Ng, 2025; Picardal, 2025; Resnik & Hosseini, 2025; Suchiko-
va et al.,, 2025

Ebadi et al., 2025; Lim G.H. et al., 2025

Archana et al., 2025; Resnik & Hosseini, 2025; Yoo, 2025
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APPENDIX 5

Themes of Publications included in the Review

Nos Reference Publication Theme Authors’ Keywords Coded Theme
1 Akgun et al., Comparing the quality of neuro- ChatGPT, GPT-4, Artificial Intel-  2,3,5
2025 surgery articles written by human ligence, article
authors and those generated by Al
(ChatGPT)
2 Al Hosni, 2025 Preserving authorial voice and lin- Academic writing, academ- 2,4,6,9,10
guistic fingerprint in academic writ- ic integrity, authorial voice,
ing in the context of Generative Al ChatGPT, generative artificial
use, particularly for second language intelligence, linguistic finger-
learners print, student identity, stylistic
analysis
3 Alamri et al., A SWOT analysis of the use of A spe- Artificial Intelligence (Al), aca- 4
2025 cifically ChatGPT, in academic writing demic writing, ChatGPT, SWOT
Analysis Framework
4 Alghazo et al., Engagement strategies in hu- Engagement strategies, aca- 4
2025 man-written and Al-generated demic writing, human-written,
academic essays Al-Generated, appraisal theory
5 Alkhawam et al., Al use policies in manuscript writing  Artificial intelligence, Al large 1
2025 in cardiology and vascular journals language models, LLM, cardiol-
ogy journals, vascular journals,
Al policies, ethical standards,
journal policy
6 Alnaimatetal.,,  Perspectives of Artificial Intelligence  Artificial Intelligence, academic 1,7
2025 Use for In-House Ethics Checks of publishing, ethics, peer review,
Journal Submissions authorship
7 Anghelescu et Detection, minimization, and elim- Artificial intelligence (Al), large 3,5
al., 2025 ination of errors (hallucinations) in language models (LLMs),
Large Language Models (LLMs) and ~ ChatGPT, RAG (Retrieval-Aug-
enhancing their reliability, particular- mented Generation systems),
ly in biomedical domains ACURAI
8 Arar et al., 2025 The ethical implications, research in-  Artificial intelligence, gener- 2,8
tegrity, and academic use of Artificial ~ ative artificial intelligence,
Intelligence (AI) and Generative Al research integrity, ethics,
(GenAI) bibliometric analysis, systemat-
ic review
9 Archana et al., Al-assisted learning and research Al adoption, GenAlI tools, AI 4,6
2025 among university students and tools, ChatGPT adoption, AI for
scholars, focusing on adoption, us- research, Al-assisted learning,
age patterns, and influencing factors  Binary logistic regression
10 Ateriya et al., The ethical implications, challenges,  Artificial intelligence, academic = 2
2025 and proposed guidelines for using writing, authorship attribution,
Artificial Intelligence (AI) in academic plagiarism detection, bias
writing and research publication mitigation
1 Bobier et al., Artificial intelligence policies in Research ethics, bioethics 1
2025 bioethics and health humanities scholarship, artificial intelli-
journals gence, academic publishers
12 Cambraia & The risk of technological colonial- Artificial intelligence, genera- 2,10
Pyrrho, 2025 ism posed by Generative Artificial tive artificial intelligence, large
Intelligence language models, digital ethics,
digital colonialism
13 Cohen & Moher, The opportunities and threats of Artificial Intelligence; large lan- 1,5

2025

using generative Al in medical and
academic writing

guage models; medical writing;
publication ethics; research
ethics; research integrity
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Nos Reference Publication Theme Authors’ Keywords Coded Theme
14 Comas-Forgas The linguistic impact of Generative Al Artificial intelligence, databas- 4
etal., 2025 on academic article titles, specifically  es, scientific communication,
the analysis of verbs suspicious of titles
being Al-generated/ assisted
15 Daoudi, 2025 Ethical limits and suggestions for Artificial Intelligence, ethical 2
improving the use of Al in scientific boundaries, scientific research,
research, academic publishing, and academic publishing, peer
the peer review process review
16 Ebadi et al.,, 2025 The impact of Generative Al (specif-  Large language models (LLMs), 5,7
ically Large Language Models) on peer review, journal review,
the academic peer review process, academic publishing, reviewer
focusing on the perspectives and perspectives
experiences of journal reviewers
17 Erel etal, 2025  Examining the frequency and cor- Anaesthesiology, artificial in- 2,3
relates of Al-generated content in telligence, artificial intelligence
abstracts from anaesthesiology and  detector, journal, technology
intensive care journals
18 Erol etal.,, 2025  Evaluating the reliability and accu- Academic writing, Al-output 3
racy of Al-output detection tools in detector, artificial intelligence,
distinguishing human-authored aca- ChatGPT, ethical considera-
demic content from texts generated  tions, plagiarism detection
by different versions of ChatGPT
19 Fakharifar etal., The applications, benefits, limita- Medical writing, Chat Gener- 1,5
2025 tions, and ethical considerations ative Pre-trained Transformer
of Artificial Intelligence (AI) and (ChatGPT), large language
Large Language Models (LLMs) like models (LLMs), ethics, Inter-
ChatGPT in medical writing national Committee of Medical
Journal Editors guidelines
(ICMJE guidelines)
20 Fung & Ng, 2025 The potential of Artificial Intelligence  Artificial Intelligence (Al), 5
(AI) to overcome traditional barri- simulation-based research, em-
ers and enable a new methodology pirical research, methodology,
known as Al-driven Simulation- normative research, traditional
Based Research (AI-SBR) research, research method
21 Ghasemietal.,  Advantages and limitations of Advantages, ChatGPT, health, 5
2025 ChatGPT in healthcare limitations, scoping review
21 Goyibova et al,  The impact of Artificial Intelligence Artificial Intelligence (AI), aca- 2,4, 8
2025 on academic writing, including demic writing, impact, biblio-
trends, advancements, and ethical metric, ChatGPT, grammar
challenges
22 Hosseini et al., The ethics and policy of disclosing Artificial intelligence, disclo- 1,7
2025 the use of Generative Al for writing sure, editorial policies, publica-
assistance in scholarly manuscripts tion ethics, peer review, writing
23 Hu et al., 2025 Identity negotiation and construction Not explicitly listed 4,6,9,10
of non-native English researchers
when using ChatGPT for academic
writing
24 Huang et al., Guidelines on the use of Generative  Not explicitly listed 1
2025 Artificial Intelligence (GAI) in oph-
thalmology journals
25 Hwang et al., Authenticity in human-AI co-writing,  Generative Al, Al-assisted writ- 3,4, 9
2025 specifically how writers and readers  ing, Large Language Model, au-
perceive and seek to preserve the thenticity, creativity, Human-AI
writer’s authentic voice when using  Collaboration
Large Language Models (LLMs)
26 Hytten, 2025 The ethical complexities of using Ethics, generative Al inquiry, 2,9,10

generative Al in academic writing,
focusing on authorship, scholarly
labor, and disclosure

academic labor
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Nos Reference Publication Theme Authors’ Keywords Coded Theme
27 Knight, 2025 Al ethics guidelines development, Ethics guidelines, research eth- 1,6
structure, and use of evidence, with a ics, Al ethics, scoping review,
focus on education and Al ethics review
28 Kumar et al., The impact of ChatGPT on the Artificial intelligence, scientific 4,5, 6
2025 scientific writing skills of orthopedic  writing, medical education,
residents natural language processing
29 Lendvai, 2025 A scientometric analysis of the schol-  ChatGPT, academic writing, AL 8
arly discourse on the role of ChatGPT and research, ethical challeng-
in academic writing, mapping its es, scholarly innovation
thematic and intellectual structure
30 Lim H.G. et al,, Use of generative Al in the peer re- Not explicitly provided 1,57
2025 view process for occupational health
manuscripts
31 Liu et al., 2025 Applications, limitations, and ethical ~ ChatGPT; writing, authorship, 2,4
challenges of ChatGPT in academic ethics, data accuracy, plagia-
writing rism, students, bias
32 Miller et al., Prevalence and geographic correla-  Artificial intelligence, shoulder, 2, 3,5
2025 tion of Al-generated text in a shoul-  elbow, ChatGPT, Al-generated
der and elbow surgery journal before content, plagiarism detection,
and after ChatGPT's release academic integrity
33 Mo & Crosth- Comparison of stance and engage- Stance; engagement, English 3,4
weite, 2025 ment features in academic writing for academic purposes, Gener-
produced by humans versus genera-  ative Al, large language model,
tive Al large language models academic writing
34 Mohan et al., Challenges and best practices for Ed-  Editorial challenges, editorial 1,57
2025 itors-in-Chief in maintaining quality,  gauntlet, radiology publishing
integrity, and ethical standards in
radiology journal publishing
35 Mondal et al., The ethical and practical challeng- Artificial intelligence, ChatGPT, 2,3,9
2025 es of using Al in academic writing, large language model, scientific
focusing on the balance between writing
efficiency and integrity, and the
interplay between Al text generators,
detectors, and humanizers
36 Moorhouse et Proposing a disciplinary framework Not explicitly provided 1,6
al., 2025 for the responsible use of Genera-
tive AI (GenAl) in TESOL research to
maintain and enhance study quality
37 Nassar et al., Quantifying the prevalence and Artificial intelligence, sports 2,3,5
2025 temporal trend of Al-generated medicine, manuscript writing,
content in published sports medicine research integrity
research articles
38 Oztirk et al., Investigating whether academic jour- ChatGPT, artificial intelligence, 2,3,7
2025 nal editors and peer reviewers can journal, editor, reviewer
detect a scientific manuscript entirely
generated by an Al model
39 Parlak et al., Comparing expert preferences and Academic writing, artificial 2,3,5
2025 perceptions of human-written versus intelligence, physical medicine
Al-generated article titles in Physical  and rehabilitation
Medicine and Rehabilitation
40 Picardal et al., Investigating how preservice Smart prompts, preservice 4,6
2025 science teachers utilize Al-driven teachers, academic writing,
smart prompts to support academic  TPACK, Al in Education
research writing within a digitally
mediated learning environment,
grounded in the TPACK framework
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Nos Reference Publication Theme Authors’ Keywords Coded Theme
41 Prakash et al., The evolution of academic writing Not explicitly provided 4,5,10
2025 quality in social sciences abstracts,
focusing on disparities across
linguistic, regional, economic, and
gender-based classifications, and the
role of Al tools and digital infrastruc-
ture in mitigating these disparities
42 Premat et al., Conceptualizations and practices of ~ Academic integrity, Generative 2,6, 10
2025 academic integrity in Swedish higher Al ChatGPT, Swedish uni-
education in the context of Genera-  versities, institutional policy,
tive Al tools, analyzing institutional phenomenography, ethics in
responses and student perspectives  higher education
43 Pretorius etal,  The use of Generative Al to empower Generative Al Al Literacy, 3,6,9,10
2025 international PhD students, decolo- decolonisation, academia,
nise academic communication, and doctoral education, ubuntu,
promote epistemic justice, viewed autoethnography
through the theoretical lens of
Ubuntu
44 Radtke & Rum-  The impact of authorship informa- Al-assisted writing, text revi- 4,6,9
mel, 2025 tion (peer vs. Al) on learners’ revision sion, Generative Al, academic
behavior in academic writing, includ-  writing, collaborative writing
ing the influence of prior experienc-
es, attitudes, and gender
45 Rafi & Amjad, The role of generative Al in doctoral ~ GenAl-assisted dissertation 4,6,9
2025 dissertation writing, focusing on writing, GenAl-assisted writing
opportunities, challenges, and strate- opportunities and challenges,
gies to promote human agency Al literacy program, GenAl and
human interaction, Technology
acceptance
46 Ragel, 2025 The integration of Artificial Intelli- Not provided 5
gence (AI) and Generative Al (GenAl)
in scholarly publishing to enhance
integrity, accessibility, and the re-
search process
47 Raitskaya & Tik- The impact of Generative Al (GenAl), Development of critical 4,6,10
honova, 2025 particularly ChatGPT, on the develop- thinking skills, generative Al
ment of critical thinking skills among  impact on higher education,
university students ChatGPT and student cognition,
Al-supported academic writing,
metacognitive engagement
with GenAl, GenAl and argu-
mentation, prompt engineering
and critical thinking
48 Resnik & Hos- Ethical framework for disclosing the Al ethics, disclosure, transpar- 1, 2
seini, 2025 use of Artificial Intelligence (AI) in ency, accountability
scientific research and publication
49 Reza et al,, 2025 Aligning the design of Human-AI Al-Assisted Writing, Hu- 4,6,9
collaborative writing tools with user  man-Centered Al Large Lan-
demands to preserve writers’ sense  guage Models
of agency and ownership across
different writing processes and
contexts
50 Sparkman & An experimental comparison of a Generative Al, ChatGPT, Claude, 4,5
Witt, 2025 human-written and an Al-generat- literature review, academic

ed literature review to evaluate the
utility, capabilities, limitations, and
ethical implications of using genera-
tive Al for academic research

writing, LLMs
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51 Suchikova et al, Development of a taxonomy (GAI- Human-Al collaboration, large 2,9
2025 DeT) for the transparent delegation language models, research

of research tasks to Generative workflow, taxonomy
Al focusing on accountability and
integrity in scientific research and
publishing

52 Veiga et al., 2025 Analysis of publishers’ policies to Artificial intelligence, author- 1,2
propose ethical guidelines for using  ship, organizational policy,
Generative Al and Al-assisted tools scholarly communication, gen-
in scholarly publishing, focusing on erative artificial intelligence
accountability, transparency, and
distinguishing between accepted and
restricted uses

53 Yaqin et al., 2025 Evaluating the performance and Al-generated text, ChatGPT, 3,4
linguistic accuracy of ChatGPT in expert correction, linguistic ac-
generating Malay academic texts, curacy, Malay academic writing
focusing on grammatical errors and
the impact of prompt engineering

54 Yin & Chapelle, A systematic analysis of the scope, GenAl literacy for research; 1,6

2025 nature, and consistency of GenAl use GenAl use guidelines; Applied

guidelines provided by high-impact linguistics journals; scholarly
applied linguistics journals, leading publishing
to the conceptualization of GenAl
literacy for research

55 Yoo, 2025 A comparative review of editorial pol- Generative AI, ChatGPT, au- 1,2
icies on the ethical use of generative  thorship, writing, publishing
Al in scientific writing and publishing,
with a focus on authorship, disclo-
sure, and accountability

JLE | Vol. 11 | No.4 | 2025 47



Lilia Raitskaya, Elena Tikhonova | Editorial

APPENDIX 6

Toolkit for AI Use in Scholarly Writing and Publishing: A Taxonomy and Guideline Framework

This toolkit synthesizes recommendations from 56 scholarly articles and publisher policies to provide a structured approach
for authors, reviewers, institutions, and publishers.

Part 1: The GAIDeT-Inspired Taxonomy of Al Use

This taxonomy categorizes Al use to help determine the appropriate level of oversight and disclosure. It adapts and consol-
idates frameworks from Resnik & Hosseini (2025) and Suchikova et al. (2025).

A. Substantive [ High-Stakes Use

(Mandatory Disclosure & Rigorous Human Oversight Required)

These uses involve AI making or significantly influencing core intellectual contributions.

1. Conceptualization & Design:

Generating research questions or hypotheses.
Assisting in study design or methodology development.
Identifying theoretical frameworks.

2. Content Generation & Synthesis:

Drafting entire sections of a manuscript (Introduction, Methods, Results, Discussion).
Paraphrasing or summarizing literature to create new synthesized text.
Generating abstracts from scratch.

3. Data Analysis & Interpretation:

Conducting statistical analysis or coding for data processing.
Interpreting data trends or results.
Generating synthetic data sets.

4. Visual Content Creation:

Creating or modifying figures, tables, or images for publication.

B. Supportive / Medium-Stakes Use

(Optional Disclosure & Active Human Oversight Recommended)

These uses leverage Al for efficiency in essential tasks where the human author retains primary control.
1. Writing Assistance:

Restructuring or reorganizing human-written text for clarity.
Generating an initial outline based on author-provided points.
Brainstorming ideas or suggesting titles.

2. Research Support:

Conducting initial literature searches.
Summarizing existing articles (without synthesis).
Identifying relevant references (to be verified by the author).
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3. Analytical Feedback:

Providing feedback on arguments or logic.

Validating code or analysis plans.

C. Routine / Low-Stakes Use

(Disclosure Typically Unnecessary & Basic Verification Sufficient)
These uses involve Al as a integrated tool for polishing and administrative tasks, with minimal creative or intellectual

input.

1. Language Enhancement:

Correcting grammar, spelling, and punctuation.
Improving readability and style (e.g., using tools like Grammarly).

Rephrasing sentences for fluency.

2. Administrative Tasks:

Formatting references and citations.

Checking journal submission guidelines.
Translating text (with human verification for accuracy).

Part 2: Consolidated Ethical Guidelines & Best Practices

These guidelines are organized by stakeholder responsibility and core ethical principles.

Core Principles for All Stakeholders

1. Human Accountability is Non-Negotiable: Alis atool, notan agent. Human authors bear ultimate responsibility for
the accuracy, integrity, and entirety of the submitted work, including all Al-generated content. (ICMJE, COPE, WAME,

etal.)

2. Transparency Through Proportional Disclosure: Disclose Al use in a dedicated section of the manuscript (e.g.,
“Declaration of Al Use”). The level of detail should be proportional to the “stakes” of the use, as defined in the

taxonomy above.

3. Preservation of Intellectual Labor: Al should augment, not replace, critical thinking, deep analysis, and the de-
velopment of a unique authorial voice. Guard against the erosion of scholarly skills and epistemic diversity.

Guidelines for Researchers & Authors

Ethical Imperative

Authorship & Attribution

Transparency & Disclosure

Integrity & Plagiarism

Critical Thinking & Voice

3 Suchikova et al., 2025

Specific Actionable Guidelines

*» Never list an Al as a co-author.
+ Clearly define and claim your own intellectual contributions.

+ Disclose all “Substantive” and “Supportive” Al uses (see Taxonomy3).

+ In the disclosure, specify: Tool Name & Version, Purpose of Use, and Extent of Contribu-
tion.

* When in doubt, disclose.

+ Do not present Al-generated text as your own original work (“Algiarism”).
« Verify all outputs for factual accuracy, plagiarism, and “hallucinations.”
+ Do not cite Al as an authoritative source unless journal policy explicitly permits it.

* Use Al as a “reasoning partner” or scaffold, not an answer generator.
+ Actively revise and personalize all AI-generated content to preserve your authorial voice.
+ Use Al for brainstorming but ensure core ideas and arguments are your own.
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Data Privacy & Security

Bias & Equity

Guidelines for Reviewers & Editors

Role

Reviewers

Editors & Journals

Guidelines for Institutions & Educators

Role

Universities & Institutions

Educators

* Never input confidential, unpublished, or sensitive data (e.g., patient information,
peer-review materials) into public Al systems.
* Use enterprise-level Al tools with data privacy guarantees when possible.

+ Critically audit Al outputs for demographic, cultural, and linguistic biases.
* Be aware that A models may reflect and amplify biases present in their training data.

Specific Actionable Guidelines

+ Shift focus to higher-order critiques: significance, novelty, methodological rigor, and
argument strength, as Al can mask basic writing errors.

+ Be vigilant for AI generation weaknesses: homogenized prose, lack of depth, factual
inaccuracies, and generic phrasing.

+» Do not use Al to analyse confidential manuscripts unless the journal’s policy explicitly
permits it.

+ Develop clear, enforceable, and specific Al policies aligned with international standards
(ICMJE, COPE).

* Implement a standardized Al disclosure section in the submission process.

+ Educate reviewers and editorial staff on detecting and evaluating Al-assisted manu-
scripts.

* Focus on content quality and integrity rather than outright prohibition, while defining
clear boundaries for unacceptable use.

Specific Actionable Guidelines

+ Integrate Al literacy and ethics into curricula. Teach students how to use Al responsibly
and critically.

+ Develop clear institutional policies on Al use for research and assessment, promoting
equitable access to tools.

+ Redesign assessments to value process, critical reflection, and original thought (e.g., oral
defences, in-class writing).

* Use Al-generated text as a teaching tool for comparative analysis and rhetorical aware-
ness.

* Explicitly teach rhetorical strategies that Al often lacks, such as counter-argumentation
and authorial presence.

* Embed the value of authorial voice and critical thinking into assignment rubrics and
feedback.

Quick-Reference Checklist for Authors

Before submission, ask yourself:

*  AUTHORSHIP: Have I ensured that Al is not listed as an author?
*  DISCLOSURE: Have I written a clear disclosure statement for all non-routine AI uses, specifying the tool, purpose,

and extent?

*  VERIFICATION: Have I meticulously fact-checked, edited, and taken full responsibility for every part of the manu-
script, including Al-generated content?

e VOICE: Does the final manuscript sound like my work? Have I preserved my analytical rigor and authorial voice?

e INTEGRITY: Am I confident that the work is original, accurate, and free from plagiarism?

e  PRIVACY: Have I avoided inputting any sensitive or confidential data into Al tools?

e POLICY: Have I checked and adhered to the specific Al policy of my target journal?
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